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Abstract
The assessment of the legal professionals’ performance is increasingly
important in the market of legal services to provide relevant information both to
consumers and to law firms regarding the quality of legal services. In this
article, we explore how computational indicators are produced to assess
lawyers’ performance in courtroom litigation, analyzing the specific types of
information they can generate. We capitalize on artificial intelligence (AI)
methods to analyze a sample of 8,045 cases from the French Courts of Appeal,
explore different associations involving lawyers, courts, and cases, and assess
the strengths and flaws of the resulting metrics to evaluate the performance of
legal professionals. The methods we use include natural language processing,
machine learning, graph mining, and advanced visualization. Based on the
examination of the resulting analytics, we uncover both the advantages and
challenges of assessing performance in the legal profession through AI methods.
We argue that computational indicators need to address deficiencies regarding
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their methodology and diffusion to users to become effective means of
information in the market of legal services. We conclude proposing adjustments
to computational indicators and existing regulatory tools to achieve this
purpose, seeking to pave the way for further research on this topic.
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INTRODUCTION
Sweeping change has come to the market of legal services.1 One of its most
telling signs is the shift in law firms from a traditional structure of pay to lawyers
1. Larry E. Ribstein, The Death of Big Law, 2010 WIS. L. REV. 749, 777 (2010) (“[T]he Big Law business
model—that is, one in which profits from legal advice are generated by large numbers of associates supporting
a relatively small number of partners-is not sustainable except, perhaps, in the largest firms.”).
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based on the length of service to one that rewards individual performance.2
Across the United States and evermore in the United Kingdom, the competition
for top lawyers is forcing legal firms to adopt a remuneration structure that
rewards top hires for their performance, to avoid seeing their best talent flee to
competing firms.3 This development has brought the need to assess legal
professionals’ performance to the forefront of the legal firm’s business.
At the other end of the market, it has been observed that consumers of legal
services often lack information about the quality of the services offered by
professionals regarding, among others, disciplinary procedures and
malpractice,4 and poor legal counseling,5 with the costs related to these actions
rarely being internalized by legal professionals.6 In other words, the market for
legal services functions poorly and inefficiently to ensure consumer access to
qualified legal counsel.7 This information asymmetry between legal providers
and consumers of legal services produces different deleterious effects, such as
difficulties in identifying and rewarding competent legal professionals and a
slow pace in firm innovation.8 Such challenges have led policymakers in the
European Union9 and in the American Bar Association,10 for instance, to call for
2. Kate Beioley, UK Law Firms Ditch Old Pay Structures in Bonanza for Star Performers, FIN. TIMES
(Dec. 13, 2020), https://www.ft.com/content/c27f14e0-03f6-4c5c-9988-0cc8dac93016.
3. Id.
4. Manuel R. Ramos, Legal Malpractice: The Profession’s Dirty Little Secret, 47 VAND. L. REV. 1657,
1659 (1994) (mentioning the tendency of the legal profession to undermine or even hide issues of legal
malpractice, for instance, through confidential settlement agreements); Melissa Mortazavi, A No-Fault Remedy
for Legal Malpractice?, 44 HOFSTRA L. REV. 471, 471 (2015) (observing the continuing rise in the number of
legal malpractice suits in the United States).
5. Ribstein, supra note 1, at 753 (claiming that consumers of legal services “as non-experts . . . may not
be able to accurately judge the quality of the lawyer’s services even long after they are rendered”).
6. Benjamin P. Edwards, The Professional Prospectus: A Call for Effective Professional Disclosure, 74
WASH. & LEE L. REV. 1457, 1460 (2017).
7. See id. (explaining that the current markets for professional services fails to ensure competent
services).
8. This arguably creates a legal market for “lemons,” evoking the term used in the groundbreaking paper
of Akerlof: as the competent legal professionals cannot be rewarded for their high-quality service, they have an
incentive to either leave the market or downgrade the quality of the services they provide to the public. George
A. Akerlof, The Market for “Lemons”: Quality Uncertainty and the Market Mechanism, 84 Q.J. ECON. 488, 499
(he overall result is a market offering less qualified services to consumers. See Suellen J. Hogan & Leonard V.
Coote, Organizational Culture, Innovation, and Performance: A Test of Schein’s Model, 67 J. BUS. RSCH. 1609
(2014); Na Fu et al., High-Performance Work Systems in Professional Service Firms: Examining the PracticesResources-Uses-Performance Linkage 56 HUM. RES. MGMT. J. 329, 330 (2017).
9. Communication from the Commission to the European Parliament, the Council, the European
Economic and Social Committee and the Committee of the Regions - A European Agenda for the Collaborative
Economy, COM (2016) 356 final (Feb. 6, 2016) [hereinafter A European Agenda for the Collaborative
Economy].
10. In February 2020, the American Bar Association issued recommendation 115 to U.S. jurisdictions to
develop innovative approaches to regulation as a means to improve access to justice. As part of these approaches,
the Utah Bar Association has put forward the implementation of a regulatory sandbox based on the similar
developments in the financial sector. American Bar Association, Resolution 115 - Encouraging Regulatory
Innovation, https://www.americanbar.org/groups/centers_commissions/center-for-innovation/Resolution115
(last visited Oct. 10, 2021) [hereinafter ABA Resolution 115]; MODEL RULES OF PRO. CONDUCT Preamble &
Scope (AM. BAR ASS’N 1983). In the context of professional regulation, as stated by the Utah Bar Association,
the objective of these sandboxes would be to experimentally implement and test the effects of easing the rules
of professional conduct, for instance, regarding lawyer advertising, referral fees, the ownership of law firms by
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the development of performance indicators with the potential to generate
relevant information to consumers about the quality of legal services.11
Notwithstanding the growing acknowledgment about the importance of
performance indicators for lawyers, the existing performance measures are often
seen with skepticism.12 Several types of perception and expert-based indicators
are generally not sufficient to assess legal services and to provide practitioners
and consumers with reliable information. Often, the methodologies employed in
these indicators lack transparency, are based on anecdotal evidence, or display
a selection bias.13 In addition, the nature of legal services makes them difficult
to be assessed; clients lack the expertise to evaluate the quality of services they
receive, and the outcome of a court dispute alone does not necessarily indicate
competence.14 This is reinforced by the fact that lawyers have a professional
obligation of conduct instead of an obligation of result.15 Even the reliability of
the growing number of online platforms to rate legal services has been
questioned, with proposals to create a more transparent procedure to assure both
that lawyers are being fairly assessed and that violations brought to light in these
platforms are duly processed through disciplinary procedures.16
As a response to the limitations of these indicators, alternative
computational tools are being developed to produce legal analytics.17 We focus
on those relying on methods of artificial intelligence (AI) such as text mining,
machine learning, natural language processing and advanced visualization to
analyze text and other unstructured data, such as court decisions, to perform
measurements, and to generate advanced analytics.18 The legal literature
examining the possibilities and limitations of legal analytics and AI in the

non-lawyers, and, notably, the use of technologies such as AI and the Blockchain to provide legal advice and
guidance to consumers. Based on the resulting analytics from these experiments, the state of Utah intends to
build an evidence-based regulation with the purpose to “ensure consumers access to a well-developed, highquality, innovative, and competitive market for legal services.” THE UTAH WORK GROUP ON REGULATORY
REFORM, NARROWING THE ACCESS-TO-JUSTICE GAP BY REIMAGINING REGULATION 16 (2019).
11. THE UTAH WORK GROUP ON REGULATORY REFORM, supra note 10, at 16.
12. See Andrew McDermott, 2 Hazardous Vanity KPIs Law Firms Should Avoid, BILL4TIME (Mar. 5,
2021), https://www.bill4time.com/blog/2-hazardous-vanity-kpis-law-firms-should-avoid (explaining that firms
frequently choose the wrong performance indicators or ignore them altogether).
13. See Daniel W. Linna Jr., Evaluating Legal Services: The Need for a Quality Movement and Standard
Measures of Quality and Value, in RESEARCH HANDBOOK ON BIG DATA LAW 408 (Dr. Roland Vogl ed., 2020)
(arguing that increased transparency and decreased bias would foster a better legal marketplace).
14. Id. at 421–22 (explaining that valuable outcome assessments can be difficult to ascertain for legal
services).
15. In other words, lawyers have an obligation to behave and provide services according to certain
standards, but are not obliged to guarantee a favorable outcome to their clients. In that sense, see MODEL RULES
OF PRO. CONDUCT Preamble & Scope (AM. BAR ASS’N 1983) (“In all professional functions a lawyer should be
competent, prompt and diligent . . . .”). The distinction between an obligation of means (obligation de moyens)
versus an obligation of result (obligation de résultat) in French law is examined by G. H. TREITEL, REMEDIES
FOR BREACH OF CONTRACT: A COMPARATIVE ACCOUNT 9 (1988).
16. Cassandra Burke Robertson, Online Reputation Management in Attorney Regulation, 29 GEO. J.
LEGAL ETHICS 97 (2016); David Adam Friedman, Addressing the Commercialization of Business Reputation,
80 L. & CONTEMP. PROBS. 73 (2017).
17. Karl Harris, The Adoption of Legal Analytics, LAW.COM (Apr. 5, 2021, 12:30 PM),
https://www.law.com/2021/04/05/the-adoption-of-legal-analytics.
18. See Table 3 for a list of examples of different companies offering data analytics based on AI-methods.
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context of law firms is still incipient,19 and most studies tend to focus on the
assessment and automation of lower-value legal tasks—neglecting topics such
as indicators about the performance of legal professionals.20
Our work seeks to fill a gap in the literature, both from a theoretical and
practical viewpoint. We conduct an exploratory study to examine how
computational indicators relying on AI methods are produced to assess lawyers’
performance in the courtroom, analyzing the specific types of information that
they can generate. We assess their potential benefits and current limitations,
seeking to both shed light on how the black-box algorithms developing these
technologies are built and to pave the way for future research seeking to improve
their predictive power and potential to generate relevant information to
practitioners and consumers in the legal market.
We drew on a dataset of 40,000 French court decisions crawled from
database Légifrance and further analyzed a subset of 8,045 cases from the Court
of Appeals through methods such as machine learning (ML), text mining, and
natural language processing (NLP). We explore different associations involving
lawyers and cases with the potential to indicate the qualities and performance of
the legal professionals in the courtroom based, among others, on experience, win
rates, and case difficulty. We analyze the resulting analytics, seeking to highlight
their potential and limitations in building indicators regarding performance of
legal professionals in the particular context of French law.
We claim that the potential of computational indicators remains untapped
due to a number of deficiencies related to the methodology of current metrics—
either employing questionable criteria or obscured in ‘black-box’ algorithms—
and to their limited diffusion to small and medium companies and to consumers,
who are often unable to access the relevant information. No less important is the
fact that these indicators are often built without incorporating lawyers’ and other
stakeholders’ input in the development and revision of the algorithm’s criteria,
producing a problem regarding the indicators’ validity.21 The importance of
bringing to light the strengths and flaws of computational indicators as a means
to generate relevant information regarding the provision of legal services cannot
be understated, especially as their rising use in the legal practice seems to be

19. Benjamin Alari et al., How Artificial Intelligence Will Affect the Practice of Law, 68 UNIV. TOR. LAW.
J. 106 (2018) (detailing the role of AI in law practice); John O. McGinnis & Steven Wasick, Law’s Algorithm,
66 FLA. L. REV. 991 (2014); Katrina June Lee et al., A New Era: Integrating Today’s “Next Gen” Research
Tools Ravel and Casetext in the Law School Classroom, 41 RUTGERS COMPUT. & TECH. L.J. 31 (2015); Linna
Jr., supra note 13, at 435.
20. See Lauri Donahue, A Primer on Using Artificial Intelligence in the Legal Profession, JOLT DIGEST
(Jan. 3, 2018),
https://jolt.law.harvard.edu/digest/a-primer-on-using-artificial-intelligence-in-the-legalprofession (arguing the main uses of artificial intelligence in the legal profession regard document review,
contract analysis, legal research and the prediction of case outcomes in courts); Frank A. Pasquale & Glyn
Cashwell, Four Futures of Legal Automation, 63 UCLA L. REV. DISCOURSE 26, 47 (2015) (“Simple legal jobs
(such as document coding) are prime candidates for legal automation. More complex tasks cannot be easily
routinized. So far, the debate on the likely scope and intensity of legal automation has focused on the degree to
which legal tasks are simple or complex.”); Logan Kugler, AI Judges and Juries, 61 COMMC’N ACM 19, 19–21
(2018) (stating more recently, machine learning algorithms have been used to assist judges to make better
decisions, a development which been controversial due to the potential discriminatory bias of these algorithms).
21. See Linna Jr., supra note 13, at 420 (discussing the need for multiple inputs regarding lawyer quality,
including professional peers).
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inevitable. Besides their potential to promote the protection of consumers in the
legal market, as pointed out by the EU,22 these indicators, if properly designed,
could generate broader benefits in the overall legal market. For information
asymmetry and incomplete information lowers the general quality of legal
services offered in the market (since the competent professionals are not
properly identified and rewarded), thus creating a legal system less capable of
delivering justice to citizens and more prone to legitimacy challenges.23
This article builds on the scholarship on computational law, particularly
that concerning research on data-driven indicators. In broad terms, applied
research on computational law can be divided between studies adopting a ruledriven (or “law as code”) and a data-driven (or “law as data”) approach to the
subject.24 Rule-driven approaches see in computer code a set of pre-established
logical rules that guide the automated analysis or execution of legal processes.
Conversely, data-driven approaches use legal documents as a source of data to
perform different types of statistical and mathematical analysis.25 Through the
use of computational methods (i.e., machine learning, natural language
processing, network visualization, etc.), statistical and mathematical analysis
can be deployed in relation to a large scale of data, which otherwise would be
too cumbersome to examine through the traditional hand-coding of the
information.
We particularly examine the use of data-driven approaches for the purposes
of prediction in the legal field.26 We seek to critically analyze the different
challenges in deploying this type of computational analysis, unveiling the
methods utilized and hidden assumptions involved, and departing from the
premise that “we should engage in artificial legal intelligence to make sure it
aligns with law and the Rule of Law in a testable and contestable way.”27
The article is structured in six parts. Part I provides an assessment of the
types of indicators of legal services available, emphasizing the potential and
limitations of each of them. In particular, we analyze the use of AI-methods to
generate computational indicators. Part II examines the prevailing regulatory
tendency encouraging computational indicators as tools with the potential to
provide relevant information to consumers. Part III introduces the case study.
We describe the data set and the methodology applied to retrieve and generate
information about the legal market. Part IV examines the analytics and their

22. A European Agenda for the Collaborative Economy, supra note 9, at 4.
23. Daniel Faggella, AI in Law and Legal Practice – A Comprehensive View of 35 Current Applications,
EMERJ (Sept. 7, 2021), https://emerj.com/ai-sector-overviews/ai-in-law-legal-practice-current-applications.
24. Jens Frankenreiter & Michael A. Livermore, Computational Methods in Legal Analysis, 16 ANN. REV.
L. & SOC. SCI. 39 (2020).
25. On the increasing deployment of quantitative legal prediction in the legal market, see Daniel Katz,
Quantitative Legal Prediction—Or—How I Learned to Stop Worrying and Start Preparing for the Data-Driven
Future of the Legal Services Industry, 62 EMORY L.J. 909 (2013).
26. Id.
27. Mireille Hildebrandt, Law as Computation in the Era of Artificial Legal Intelligence: Speaking Law
to the Power of Statistics, 68 UNIV. TORONTO L.J. 12, 34–35 (2018); David Restrepo Amariles, From
Computational Indicators to Law into Technologies: The Internet of Things, Data Analytics and Encoding in
COVID-19 Contact Tracing Apps, 17 INT’L. J.L. CONTEXT 261 (2021); Jaromír Šavelka et al., Lex Rosetta:
Transfer of Predictive Models Across Languages, Jurisdictions, and Legal Domains, 18 ICAIL 2021 129 (2021).
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potential to generate relevant information about lawyers’ performance in the
courtroom, focusing on three main outputs: association patterns involving
different types of connections between lawyers, information about their
experience, and the difficulty of the cases where they are involved. Part V draws
lessons from the case study, indicating the benefits of computational indicators
and the challenges they face regarding reliability. Part VI concludes.
I.

PERFORMANCE INDICATORS IN THE LEGAL PROFESSION: FROM PEER-TOPEER AND CLIENT-BASED INDICATORS TO LEGAL ANALYTICS

In recent decades, in connection with the phenomenon of quantification of
law,28 a significant number of indicators have emerged, often with the stated
purpose of advancing objective forms of assessment of legal processes, actors
and activities.29 Examples include indicators ranking state legal systems,30 rating
judges’ performances in courts,31 assessing their decision-making processes,32
evaluating corporations’ respect for human rights,33 and measuring the quality
of lawyers’ services.34 This article focuses on indicators assessing the services
provided in the courtroom by legal practitioners.35 This section in particular,
28. Kevin E. Davis, Legal Indicators: The Power of Quantitative Measures of Law, 10 ANN. REV. L. SOC.
SCI. 37, 37–52 (2014).
29. For a critical analysis on the objectivity of indicators, see David Restrepo Amariles & Julian
McLachlan, Legal Indicators in Transnational Law Practice: A Methodological Assessment, 58 JURIMETRICS J.
163 (2018); Benoit Frydman, From Accuracy to Accountability: Subjecting Global Indicators to the Rule of
Law, 13 INT’L J.L. CONTEXT 450 (2017); David Restrepo Amariles, Supping with the Devil? Indicators and the
Rise of Managerial Rationality in Law, 13 INT’L J.L. CONTEXT 465 (2017); Mathias Siems & David Nelken,
Global Social Indicators and the Concept of Legitimacy, 13 INT’L J.L. CONTEXT 436 (2017).
30. Melike Arslan, Differentiating and Connecting Indicators: The Quality and Performance of Law in
the World Bank’s Doing Business Project, 16 INT’L J.L. CONTEXT 17 (2020); David Restrepo Amariles, Legal
Indicators, Global Law and Legal Pluralism: An Introduction, 47 J. LEGAL PLURALISM & UNOFFICIAL L. 9
(2015); Kevin E. Davis et al., Introduction: Global Governance by Indicators, in GOVERNANCE BY INDICATORS:
GLOBAL POWER THROUGH QUANTIFICATION AND RANKINGS 3 (2012).
31. Pedro Rubim Borges Fortes, How Legal Indicators Influence a Justice System and Judicial Behavior:
The Brazilian National Council of Justice and ‘Justice in Numbers,’ 47 J. LEGAL PLURALISM & UNOFFICIAL L.
39, 52 (2015).
32. Adam M. Samaha, Michael Heise & Gregory C. Sisk, Inputs and Outputs on Appeal: An Empirical
Study of Briefs, Big Law, and Case Complexity, 17 J. EMPIRICAL LEGAL STUD. 519, 519–20 (2020).
33. David Restrepo Amariles & Erika George, Ranking for Good: A Comparative Assessment of the
Performance of French Corporations in Human Rights Rankings, 53 INT’L L. 21, 32–34 (2019).
34. Colleen Petroni, Third-Party Ratings as Modern Reputational Information: How Rules of
Professional Conduct Could Better Serve Lower-Income Legal Consumers, 156 U. PA. L. REV. 197, 213–16
(2007); Fred C. Zacharias, Effects of Reputation on the Legal Profession, 65 WASH. & LEE L. REV. 173, 183
(2008); Chris Hanretty, Lawyer Rankings Either Do Not Matter for Litigation Outcomes or Are Redundant, 23
INT’L J. LEGAL PROF. 185, 185–87 (2016).
35. Our focus is particularly on the performance of lawyers representing clients in court litigation rather
than on those professionals working as legal counsel outside courts. In several jurisdictions, there is a formal
distinction between these professional categories of lawyers. In England and Wales, for instance, there is a
difference in the professional training and practice for lawyers working as barristers and for those working as
solicitors. Barristers represent clients in front of a judge in courts and provide legal advice on their area of
specialization. Solicitors work “behind the scenes,” advising clients, drafting legal documents, negotiating with
the opposing counsel, among other services provided. In France, there is also a distinction between the “avocat
à la Cour/au Barreau” and the “avocat aux Conseils.” The former represent clients before different French courts,
while the latter has the monopoly to represent clients regarding certain matters before the superior courts in
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analyzes the transition currently taking place from peer-to-peer and client-based
indicators to computational indicators. While we argue that computational
indicators have the potential to overcome many of the limitations displayed by
peer-to-peer and client-based indicators, we show that computational indicators
drawing on AI methods pose other challenges that have been little explored in
the legal literature. These challenges refer mostly to a lack of transparency for
users (creating a ‘black-box’) and issues regarding their adopted methodology
and paywall, restricting access to the information generated.
A.

Mapping Performance Measures for the Quality of Legal Services

Professional service firms (PSFs) such as law and accounting firms have
for a long time resisted the use of indicators to assess professional performance,
and when they exist they tend to focus almost exclusively on client billing.36
This may be explained in part by what the management literature identifies as a
conflict between the professional logic of PSF managers and the bureaucratic
logic of human resource managers.37 The former emphasizes informal control
systems, professional meritocracy, and individual discretion,38 while the latter
focuses on centralization, standardization, vertical transparency, specialized
roles, and role clarity.39 However, in recent years there has been an expansion
on the use of performance measures in PSFs, and lawyers and law firms are not
an exception to this trend.40
Below, we analyze the different types of performance measures employed
to assess the quality of services of legal professionals. We show that traditional
performance indicators present limitations regarding their ability to provide
thorough and reliable information. We then examine the application of AI
methods to produce legal analytics, showing they could be a useful means to
overcome some of the limitations presented by traditional performance
indicators.

France, i.e., the Conseil d’État and the Cour de Cassation. A Better Understanding of the Concepts: Lawyer,
Solicitor, and a Barrister in UK, HG.ORG, https://www.hg.org/legal-articles/concept-and-differences-betweena-lawyer-a-solicitor-and-a-barrister-in-uk-18875 (last visited Sept. 14, 2021). See generally Tan Thi Thanh Trai
Le, The French Legal Profession: A Prisoner of Its Glorious Past?, 15 CORNELL INT’L L.J. 63 (1982).
36. Johan Alvehus, Conflicting Logics? The Role of HRM in a Professional Service Firm, 28 HUM. RES.
MGMT. J. 31, 37–38 (2018); Frans Bévort & Flemming Poulfelt, Human Resource Management in Professional
Services Firms: Too Good to Be True? Transcending Conflicting Institutional Logics, 29 GERMAN. J. HUM. RES.
MGMT. 102, 105 (2015).
37. Bévort & Poulfelt, supra note 36, at 105–06.
38. Paul S. Adler, Seok-Woo Kwon & Charles Heckscher, Perspective—Professional Work: The
Emergence of Collaborative Community, 19 ORG. SCI. 359 (2007); Andrew von Nordenflycht, Namrata
Malhotra & Timothy Morris, Sources of Homogeneity and Heterogeneity Across Professional Services, in THE
OXFORD HANDBOOK OF PROFESSIONAL SERVICE FIRMS (OUP Oxford 2015); Bob Hinings et al., Researching
Professional Service Firms, in THE OXFORD HANDBOOK OF PROFESSIONAL SERVICE FIRMS (OUP Oxford 2015).
39. Bévort & Poulfelt, supra note 36, at 104.
40. D. L. Bruce, Keys to Success - How Monitoring Certain Performance Indicators Can Help Firms
Achieve Goals, 80 TEX. BAR J. 319, 320 (2017) (claiming that “[t]oday more law firms are adopting business
principles to make their practices successful. Savvy firms develop strategic goals and use key performance
indicators—measurements of specific activities or results that are important to the success of the firm—to track
their progress”).
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According to a recent estimation,41 more than 1,200 indicators exist to
evaluate legal services and/or practitioners involved in the field, such as
Chambers & Partners, Super Lawyers, Best Lawyers, the Legal 500, Benchmark
Litigation, Leading Lawyers, Martindale-Hubbell, Who’s Who Legal, among
many others. More recently, there has been a rise of online platforms where
clients can directly share reviews of legal services provided to them,42 rating
them as any other ordinary service provided in the market.
We classify indicators assessing the quality of legal services into three
different types (see Table 1).43 First, there are peer-to-peer indicators, where
legal practitioners provide feedback and opinions on the services provided by
their colleagues (such as Super Lawyers and Best Lawyers in America). Second,
there are client-based indicators providing evaluations based on the clients’
opinions (such as those presented by Chambers & Partners). Third, there are
computational indicators providing assessments based on behavioral and
document analysis, often relying on AI methods such as data mining, NLP, and
visualization.44 Different indicators employ or combine different methodologies,
often reviewing the major cases litigated by lawyers (wins and losses), main
deals concluded, and contacting clients of these professionals to give feedback
on the services provided. We refer to the first two kinds of indicators (e.g. peerto-peer and client-based) as “traditional indicators” because, in contrast with
computational indicators, they collect data from individuals rather than from
documents or databases and rely on traditional social science quantification
methods, such as surveys and questionnaires, rather than on data mining.45 Also,
traditional indicators tend to result from basic computation through arithmetic
operations such as weighted and simple averages, whereas computational
indicators often use more advance statistical and mathematical methods such as
correlations, Bayesian inferences, and likelihood functions.46

41. Sara Randazzo, The Hottest Field in Law? Ranking the Lawyers, WALL STREET J. (July 20, 2017, 7:00
AM), https://www.wsj.com/articles/the-hottest-field-in-law-ranking-the-lawyers-1500548400.
42. Sarah Mui, People Look to Yelp to Find Lawyers Online, Survey Says | Fallout over Facebook Mood
Study?, ABA J. (July 11, 2014, 1:30 PM), https://www.abajournal.com/news/article/around_the_blawgosphere_
yelp_facebook_e-signature; Lawyer Reputation Management: Tips and Tricks, REVIEWTRACKERS (May 29,
2019), https://www.reviewtrackers.com/blog/lawyer-reviews.
43. See Gregory Lewkowicz, La Notation des Avocats : Instrument de Marketing ou Cheval de Troie de
la Dérégulation de la Profession?, 1 JURISTE INT’L. 31 (2019) (employing a similar classification of legal
indicators).
44. David Restrepo Amariles, From Computational Indicators to Law into Technologies: The Internet of
Things, Data Analytics and Encoding in COVID-19 Contact Tracing Apps, 17 INT’L. J.L. CONTEXT 261, 267
(2021).
45. Id.; Fuli Feng et al., Computational Social Indicators: A Case Study of Chinese University Ranking,
Session 4B PROCEEDINGS OF THE 40TH INTERNATIONAL ACM SIGIR CONFERENCE ON RESEARCH AND
DEVELOPMENT IN INFORMATION RETRIEVAL 455, 455–64 (2017).
46. Amariles, supra note 44, at 267.
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Table 1: Distribution of Indicators according to Categories
TYPE 1

TYPE 2

TYPE 3

PEER-TO-PEER

CLIENT-BASED

COMPUTATIONAL

Best Lawyers in America

Best Law Firms

Bloomberg Legal Analytics

LEXPERT

Chambers & Partners

Doctrine

Super Lawyers

The Legal 500

LexMachina

Avvo

Predictice
Premonition
Ravel Law
Westlaw Profiler, Thomas
Reuters

The relevance of indicators for consumers considering hiring in the market
seems paramount, particularly for those using online platforms.47 According to
a survey conducted by the Research Intelligence Group in the United States with
4,000 adult online users in 2012, “3 out of 4 consumers seeking an attorney . . .
used online resources at some point in the process.”48 Another survey conducted
with 3,465 people in the United States found that “58 percent of those seeking
lawyers make their first stop at business review site Yelp.”49 In a different 2016
survey of general counsel by BTI, “4.6% [of consumers] said they looked to the
attorney directories first when hiring law firms, while 25% said they use them
to confirm observations about a hire.”50 Incentives for law firms to participate
in these rankings may also come from the fact that a firm’s competitors might
be listed in them, inducing the company to seek inclusion as a defensive
strategy.51 Sometimes, inclusion may also be a factor of prestige relevant for
lawyers seeking a promotion in their law firms.52
Despite these advantages, the legal profession has sometimes regarded with
skepticism such measurements53 for different practical and methodological

47. Larry Bodine, Most Consumers Go Online to Look for an Attorney, LAWMARKETING BLOG (Jan. 16,
2014), http://blog.larrybodine.com/2014/01/articles/tech/most-consumers-go-online-to-look-for-an-attorney/
(“It is clear that a huge conversation is taking place online. The search for a lawyer has moved out of the family
living room or neighbor’s back yard, and moved onto the Internet.”).
48. Id.
49. Mui, supra note 42.
50. Randazzo, supra note 41.
51. See Amariles, supra note 29, at 480 (explaining how indicators become entrenched in institutional
practices and gain reactivity). See generally Wendy Nelson Espeland & Michael Sauder, Rankings and
Reactivity: How Public Measures Recreate Social Worlds, 113 AM. J. SOCIO. 1 (2007) (explaining how human
behavior changes when one knows they are being evaluated and observed).
52. Sally J. Schmidt, When Is a Credential Really a Credential: Assessing Lawyer-Ranking Directories,
33 LAW PRAC. 50, 51 (2007) (discussing how a firm’s use of legal rankings and honors can impact internal hiring
and firm politics).
53. Id. (“There is much confusion about the credibility or integrity of certain lists. For example, ‘Who’s
Who’ lists are generally denigrated by lawyers. However, in certain specialty fields, such as immigration,
inclusion in ‘Who’s Who in Immigration Law’ is considered highly desirable.”); see also Hanretty, supra note
34, at 201 (claiming that, in practice, lawyers’ rankings will not be useful, because better representation is only
significant in hard cases, where sophisticated parties would not need rankings to find qualified counsel anyway).
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reasons specific to each indicator (see Table 2). One of the main concerns is their
lack of transparency, often imposing financial contributions as requirements for
profiles to be included in their list. Indeed, some of these indicators can ask
winners to pay $500 for plaques, $5,000 for advertisements, or $10,000 for
tables at awards banquets.54 Newer contests are often pay-to-play, requiring
several-hundred dollar submission fees or even withholding awards if certain
products are not purchased.55
Table 2: Selected Peer-to-peer and Client-based Indicators
Rating/
Ranking

Type

Scope

Target

Method

Data

LEXPERT

Ranking

Canada

Law firms

Survey,
recommendation
by peers

Survey

THE
LEGAL500

Ranking

International

Law firms

Survey Selfreporting,
interviews,
client feedback

Survey and
interview

BestLawFirms
USNEWS

Ranking

US

Law firms

Survey: selfreporting, client
feedback and
peer review

Survey

AVVO

Rating

US

Lawyers

Proprietary
algorithm used
on scraped
public data and
self-reported
data

Public data,
peer
endorsement
and client
reviews

BestLawyers

Ranking

US &
International

Lawyers
and law
firms

Nomination by
peers, Peerreview by
survey

Peer-review
ratings

SuperLawyers/
Reuters

Rating
(selective)

US

Lawyers

Elective
nomination
process,
research, peerrecognition,
achievements:
12 indicators

Peer-review
survey and
research
about
achievements
and
qualification.

In the case of peer-to-peer evaluations, a potential concern is that
corporatism may be a factor distorting the evaluations of the legal
54.
55.

Randazzo, supra note 41.
Id.

324

JOURNAL OF LAW, TECHNOLOGY & POLICY

[Vol. 2021

professionals56 not only when lawyers are members of a same firm but also when
there is a group of lawyers that maintain a professional network or maintain
working collaborations, have personal relationships, and evaluate their peers
primarily based on these grounds rather than on actual knowledge of the
colleague’s performance.
Even indicators independently developed raise concerns regarding their
methodology. There is a concern that the information contained in these
indicators may be operationalized based on anecdotal data, with
interviews/opinions not collected in a systematic fashion, considering the overall
services provided in the market. This is particularly a problem in relation to
online platforms57 where “testimonials” may be provided by clients on the
performance of certain lawyers or firms. In the case where a certain indicator
selects the peers or clients that will be interviewed, if that selection does not
ensure that the sample of interviewees is representative of the group of clients,
no proper randomization is obtained.58 As a result, there is a selection bias that
compromises the validity of the final results.59
A further concern relates to the fact that clients often do not have the
knowledge necessary to correctly evaluate the performance of a legal
professional in many aspects.60 There may be a tendency to evaluate legal
professionals considering whether they have won a case in court or successfully
concluded a deal envisaged by the client.61 However, lawyers do not have an
obligation of result but rather an obligation of conduct.62 In some situations, a
lawyer who lost a difficult case in court may have done a better job than another
who won an easy case.63 Clients may be unable to draw these fine distinctions
to make precise evaluations.64 This type of problem is particularly acute in the

56. See Schmidt, supra note 52, at 51 (“Recognize the importance of personal visibility. Because the
process for several of these publications is based on peer nominations or votes, it underscores the need for a
lawyer’s visibility within the market.”).
57. See generally Cassandra Burke Robertson, Online Reputation Management in Attorney Regulation,
29 GEO. J. LEGAL ETHICS 97, 152 (“Online reviews create challenges both for individual attorneys and for the
larger system of lawyer regulation. Client reviews are too influential to be ignored. At the same time, however,
those reviews also give rise to psychological dynamics that create a strong temptation for attorneys to respond
in a way that threatens client interests. As a result, individual efforts at reputation management including both
ex ante attempts to influence what clients post and ex post strategies to counteract poor reviews-fail to fulfill
regulatory goals.”).
58. Id. at 105 (“Although online reviews do not necessarily have a bias toward negative feedback, they
also do not necessarily represent a fair cross-section of customer or client experience.”).
59. Id.
60. Id. at 108–09.
61. Robert Ambrogi, This Week in Legal Tech: Rating Lawyers by Their Wins and Losses, ABOVE L. (Feb.
13, 2017, 7:00 PM), https://abovethelaw.com/2017/02/this-week-in-legal-tech-rating-lawyers-by-their-winsand-losses.
62. Ioana Nicolae, A Comparative Analysis Regarding the Obligation of Result and the Obligation of
Conduct (of Means) in Civil Law, 7 BULL. TRANSILVANIA UNIV. BRASOV 155, 157 (2014).
63. Ambrogi, supra note 66.
64. Toby Unwin, Everything You Know About Lawyer Selection Is Wrong: Big Data Analyzes Litigation,
PREMONITION (Feb. 4, 2015), https://premonition.ai/everything-you-know-about-lawyer-selection-is-wrongbig-data-analyzes-litigation.
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context of certain online platforms such as Yelp or Google Ratings where clients
may provide direct feedback on the services provided by lawyers.65
B.

Computational Indicators and Legal Analytics

In recent years, the emergence of rich datasets and sophisticated data
analysis techniques has triggered the use of computational methods to produce
analytics and evaluate legal services.66 We focus on computational indicators
that draw in AI methods in the United States and in France. Most of these
indicators are made available to customers by private companies for a fee.
Although not without shortcomings and flaws, computational indicators have
the potential to more easily overcome problems related to selection bias, the use
of anecdotal information, and minimize risks of lack of transparency regarding
the information generated. Additionally, as explained below, many of these
indicators are developed by spinoffs and startups with links to academic
institutions, and they tend to involve private corporations specialized in legal
analytics at the scaling stage.
Table 3: Selected Indicators Using AI-Driven Analytics
Name

Scope

Target

Method and
Entities

Data

Lawyers’
Rankings

LexMachina/
Attorney
Data engine

US

Lawyers &
law firms

Machine
Learning and
NLP;
connecting
lawyers, law
firms, cases,
judges,
litigation
history

Open Data –
PACER, ITC,
EDIS, USPTO,
and state court
data

Annual ‘Top
Law Firm
Report’

Westlaw
Profiler,
Thomas
Reuters

US

Lawyers,
judges,
expert
witnesses,

NLP;
connecting
lawyers, law
firms, judges &
experts, cases,
litigation
history

Court and
docket data US
state and federal
courts +
Westlaw data

No

65. Adam Liptak, On Second Thought, Let’s Just Rate All the Lawyers, N.Y. TIMES (July 2, 2007),
https://www.nytimes.com/2007/07/02/us/02bar.html; Mui, supra note 42.
66. See Table 3. See generally Feng et al., supra note 45 (noting how computational methods and
indicators are playing a greater role in ranking and signaling services to consumers).
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Premonition

US, United
Kingdom,
Ireland,
Australia,
Netherlands
and Virgin
Islands

Lawyers,
Law Firms,
General
Counsel,
Claims
Managers,
Litigation
Finance, PreSettlement
Funding

NLP; connecting
lawyers,
litigation
experience, case
facts, company’s
litigation history,
likelihood of
success of
motions filtered
by case type and
judge

PACER and
court decisions
from different
jurisdictions

Yes, win-loss
rankings

Ravel
Lexisnexis

US

Lawyers/
Law Firms

ML, NLP
connecting law
firms in the in
US, court
analytics, judge
analytics, case
analytics

Open Data
+Private Lexis
Nexis Data +
caselaw from
Harvard Law
Library

Yes, law firm
rankings

Bloomberg
‘Litigation
Analytics’

US

Lawyers

NLP, connecting
judges, courts,
companies,
attorneys, and
law firms and
other data points

Open data

No

Doctrine

France

Lawyers

NLP, Connects
lawyers and
courts, data on
lawyers.

Open Data and
partnerships

No

CaseLaw

France

Lawyers

NLP; connecting
cases, arguments,
criteria for
decision for
types of cases,
measuring the
risks involved

Open data

No

Predictice

France

Lawyers

NLP;
connecting case
law, success of
a legal claim

Open data +
Wolters Kluwer
data

No

* NLP: Natural Language Processing/ ML: Machine Learning
Initially, it is important to note that the companies offering legal analytics
do not necessarily generate indicators. As displayed in Table 3, while platforms
such as Ravel LexisNexis or Premonition create rankings of law firms or of
lawyers, others do not offer this kind of service but generate other kinds of
information. Despite variations, some common services tend to be offered by
these different companies, such as data regarding the connections between
lawyers and judges (the cases they have both worked, the outcome of the cases),
connections between lawyers or law firms (situations where they collaborated
or opposed each other), and connections between lawyers and cases (pointing
out which lawyers have experience on a particular topic and what is the rate of
win-loss).
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While in France the profiling of judges is forbidden,67 some U.S.
companies offer this service analyzing how certain judges have decided
particular types of cases.68 Notably, Premonition offers information about the
litigation history of certain companies, indicating law firms’ potential clients and
considering the disputes they have had in the past related to a certain matter.
Some companies offer services to identify the winning arguments or the criteria
that have been used in the case law to decide a particular type of case before
courts.69 Additional types of information could be created in the future based on
the available data. Moreover, as more legal analytics are aggregated, this
information could also be used to create (or improve) indicators of lawyers or
law firms by companies willing to offer this type of service.
In the United States, the four leading data vendors in the legal market are
Lex Machina, Ravel Law, Premonition, and Bloomberg Litigation Analytics.70
Stanford University was home for two of these: Lex Machina and Ravel Law.
Lex Machina, developed by Stanford University’s computer science and law
departments with funding from private companies such as Apple and Cisco, was
later sold to Lexis Nexis, which operates this software in its online platform.71
This software—initially focused on intellectual property law, but now extending
to other matters as well—functions to help “legal industry members predict
different legal strategies’ outcomes by tagging and categorizing millions of
federal court dockets and documents.”72 Lex Machina generates different kinds
of information through legal analytics,73 as indicated in Table 3. The other
software, Ravel Law, was originally created as a spinoff from Stanford’s law
school, computer science department, and CodeX (Stanford’s Center for Legal
Informatics).74 It was sold to LexisNexis in 2017, consolidating Lexis’ leading
position in the market of legal analytics in the United States.75
Premonition is a legal analytics software developed in 2014.76 It claims to
have the largest collection of court cases, covering not only the United States,
but also cases from the United Kingdom, Ireland, Australia, the Netherlands, and
the Virgin Islands.77 Bloomberg Law also makes available to its subscribers a
67. Loi 2019-222 du 23 mars 2019 de programmation 2018-2022 et de reforme pour la justice (1) [Law
2019-222 of March 23, 2019 on programming 2018-2022 and of reform for justice (1)], J. Officiel de la
Republique Francaise [J.O.], Mar. 4, 2019. See also Marie-Lan Nguyen, En France, il est Désormais Interdit de
Juger les Juges, CONTREPOINTS (Aug. 30, 2019), https://www.contrepoints.org/2019/08/30/352509-en-franceil-est-desormais-interdit-de-juger-les-juges (discussing the law prohibiting judge profiling in depth).
68. Unwin, supra note 64.
69. Id.
70. Kirk Jenkins, Making Sense of the Litigation Analytics Revolution, ARNOLD & PORTER: CAL. SUP. CT.
REV.,
https://www.californiasupremecourtreview.com/2017/10/making-sense-of-the-litigation-analyticsrevolution (last accessed Sept. 13, 2021).
71. Legal Analytics Shop Talk with Lex Machina Business Edge, 20 AALL SPECTRUM 40, 40 (2016).
72. Id.
73. Legal Analytics Platform, LEX MACHINA, https://lexmachina.com/legal-analytics (last accessed Sept.
13, 2021).
74. Our Story, RAVEL, https://home.ravellaw.com/who-we-are (last accessed Sept. 13, 2021).
75. LexisNexis Announces Acquisition of Ravel Law, LEXISNEXIS (June 8, 2017),
https://www.lexisnexis.com/community/pressroom/b/news/posts/lexisnexis-announces-acquisition-of-ravellaw.
76. Unwin, supra note 64.
77. Ambrogi, supra note 61.
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“Litigation Analytics” platform. As of 2019, it is “providing analytics on over
100,000 attorneys from over 775 law firms, in addition to analytics on over 7,000
law firms, 70,000 public companies, 3.5 million private companies, and all
federal judges.”78
In France, a number of companies offer legal analytics in the market as
well.79 The leading company in the market is Doctrine, founded in 2016, now
the second most visited website in France on legal information, second only to
public service website Légifrance.80 Another important player in the legal
analytics market in France is Predictice, a software program available in the
market since 2016.81 Similarly, a software called CaseLaw Analytics has been
developed through a collaboration between lawyers and mathematicians in the
public research institute INRIA.82 This software is now commercialized to
different private companies to help them craft their legal strategy and measure
risks in their transactions.83 More specifically, it aims to consult the potential
legal decisions which would be taken into account in a potential situation and
thus evaluate the legal risks in the courtroom.84
Despite the recent rise in services offering legal analytics and
computational indicators, there is a gap in the legal scholarship regarding the
potential and the limitations of this kind of services.85 Even if some of the
limitations of the previous performance indicators can be potentially overcome
through AI methods, other important challenges must be faced. Below, we
discuss the potential and limitations of computational indicators taking into
consideration the example of the software developed by the company
Premonition.
C.

Premonition: Lawyers’ Performance by Win/Loss Rate

The main service offered by Premonition is a performance indicator called
“Lawyers by Win Rate:”86
The purpose of Premonition is to provide the market with
transparency about the lawyers that win, and the lawyers that lose.
With the world’s largest litigation database, we’re helping customers
around the globe to assess lawyer performance as part of their lawyer
selection process. It is not an absolute, it’s indicative. Other factors
such as lawyer availability, price, personal chemistry, etc., may affect

78. Bob Ambrogi, Bloomberg Law Says It Has ‘Significantly’ Expanded Its Litigation Analytics,
LAWSITES (Apr. 16, 2019), https://www.lawsitesblog.com/2019/04/bloomberg-law-says-it-has-significantlyexpanded-its-litigation-analytics.html.
79. Forbes Brandvoice, Doctrine.fr, Futur Géant De La Frenchtech ?, FORBES FR. (July 29, 2019),
https://www.forbes.fr/brandvoice/doctrine-fr-futur-geant-de-la-frenchtech.
80. Id.
81. À Propos de Predictice, PREDICTICE, https://predictice.com/a-propos (last visited Sept. 13, 2021).
82. Le mariage de Deux Sciences: Mathématiques et Droit, CASE L. ANALYTICS,
https://www.caselawanalytics.com/ (last accessed Sept. 13, 2021).
83. Id.
84. Id.
85. Jenkins, supra note 75.
86. Unwin, supra note 69.
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final selection but, for the first time, you can now add performance
metrics to that mix.87
Besides analyzing attorneys, they offer resources to analyze legal claims,
the judge examining the case, and the strength of the case.88 The foremost
advantage of this type of analytics in comparison with traditional performance
indicators is the ability, as previously argued, to overcome the inaccuracies of
anecdotal information and selection bias through a thorough assessment of a
large quantity of available data.89 For instance, Premonition analyzed the win
rates of the top-ranking attorneys on these lists and claimed that most of them
were, surprisingly, average.90 Moreover, the firm claimed that there was no
correlation to be found between win rate and billing rate.91 Toby Unwin, the
creator of Premonition, argues that an attorney’s prior win rate is a more accurate
indicator regarding the attorney that should be hired: “[t]he only item that affects
the likely outcome of a case is the attorney’s prior win rate, preferably for that
case type before that judge.”92
At the same time, however, computational indicators, such as Premonition,
present important limitations or disadvantages.93 The first one, which is also to
be found in traditional types of indicators, is that, apart from some exceptions,
most of these services are only available to parties who pay a significant fee to
have access to the platform.94 This limitation creates a paywall that excludes
most of the consumers in the market from having access to pertinent information
regarding the legal market.95
Second, there is a lack of transparency regarding how these performance
indicators are operationalized.96 The lack of explainability regarding how
algorithms operate and which criterion are used to build indicators creates a
black-box which prevents consumers from assessing the reliability of the
information generated through many of these services.97 One of the objectives
of our case study (see sections III and IV, below) is to explain the methodology
relied upon to build these legal indicators, providing transparency.

87. Premonition Methodology, PREMONITION, https://premonition.ai/accuracy-faq (last visited Sept. 13,
2021).
88. Unwin, supra note 64.
89. Id.
90. Id.
91. Id. at 3.
92. Id. at 2.
93. Online Platforms and the Digital Single Market Opportunities and Challenges for Europe, at 12, COM
(2016) 288 final (May 25, 2016).
94. Id.
95. See Josh Blandi, Open Data Advocates Are Forging Improved Access to the Law, ATT’Y WORK: OPEN
LEGAL DATA SERIES (June 15, 2020), https://www.attorneyatwork.com/open-data-advocates-are-forgingimproved-access-to-the-law (recognizing that there is an already ongoing fight to remove barriers so that the law
is truly accessible to everyone, not just those who are able to afford costly paywalls).
96. Online Platforms and the Digital Single Market Opportunities and Challenges for Europe, supra note
98, at 12.
97. Id. at 10–11.

330

JOURNAL OF LAW, TECHNOLOGY & POLICY

[Vol. 2021

Third, there are a number of methodological choices that are questionable
in the development of lawyer’s performance indicators.98 Perhaps the most
critical aspect is the reliance upon a win and loss rate of lawyers before a
particular judge to evaluate their performance.99 Premonition is one of the
companies employing such methodology.100 There are different aspects of this
choice that are problematic.
Initially, there is the fact, previously evoked, that often companies
employing a win-loss ratio do not distinguish between easy and hard cases.101
Such is the approach followed by Premonition.102 Nevertheless, a lawyer that
has won several easy cases may not have a better performance than one that has
won just a few hard cases or than one that lost hard cases, but significantly
minimized the amount of the loss for the client. This is the kind of distinction
that cannot be taken into account if easy and hard cases are not differentiated in
the methodology. An answer to this objection given by companies such as
Premonition103 is that the aggregation of a high number of cases
overcompensates a potential distortion of the data, generating a situation where
a high number of wins statistically will amount to a better performance
overall104—a claim, however, which has not been substantiated on empirical
data so far.
Furthermore, there is evidence demonstrating that disputes in the United
States end up being settled before they reach the stage of a final decision by
courts.105 This leaves a significant amount of data outside the scope of analysis

98. Amariles & McLachlan, supra note 29, at 10 (recognizing methodological choices can alter
performance indicator results).
99. Unwin, supra note 69, at 2.
100. Id.
101. See e.g., PREMONITION, supra note 92 (explaining that its methodology does not distinguish between
cases of varying difficulty when determining win-loss ratios).
102. Id.
103. Id. (“Attorneys often claim to ‘only take the toughest cases’ when explaining low Win Rates.
Occasionally this is true. However, our data indicates that as an overall excuse this is a false foundation as it too
is ‘smoothed out’ over a large number of cases. It is also worth noting that in some jurisdictions such ‘cherry
picking’ is prohibited. For example, the United Kingdom has a ‘cab rank rule’ preventing Barristers from cherry
picking easy cases and the Premonition results are similar to the United States. This also supports the conclusion
that even in the United States, cherry picking is not much of a factor. Finally, while Premonition is not designed
to identify the ‘surgeon’ attorneys that only work the hardest cases, it does group cases with those of similar
difficulty by using case type, sub type and parties. For example, Tax Court is notorious for its low Win Rates
against the IRS, however top performing attorneys still stand out, not by their wins, but because they lose less.
Cases group by court type (Appeals Court being a more rigorous black letter law venue than small claims), and
by Judge where certain cases, e.g. complex business claims are assigned to certain Judges. Over time case
difficulty variations are also smoothed out over large numbers of cases and Attorneys who only take easy cases
will de-select themselves when approached.”).
104. Rating Lawyers, supra note 66 (statement of Bryant Lee) (“If attorneys have a similar case mix, e.g.,
33 percent hard cases, 33 percent medium cases, and 33 percent easy cases, then, statistically, in the long run
there should be a correlation between a higher win rate and better attorneys.” ).
105. See Theodore Eisenberg & Charlotte Lanvers, What is the Settlement Rate and Why Should We Care?,
6 J. EMPIRICAL LEGAL STUD. 111, 111 (2009) (“Using data gathered from about 3,300 federal cases in the Eastern
District of Pennsylvania (EDPA) and the Northern District of Georgia (NDGA), differing measures of settlement
emerge depending on whether one is interested in (1) settlement as a proxy for plaintiffs’ litigation success, or
(2) settlement as a measure of litigated disputes resolved without final adjudication. Using settlement as a proxy
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of performance indicators, especially if lawyers’ skills for reaching a suitable
settlement are to be taken into consideration. Finally, there are potential sideeffects of computational indicators based on a plain win-loss ratio. If such
indicators are seen as influential in the legal market, determining which law
firms and lawyers are likely to be hired, lawyers may mold their behavior in
order to avoid being poorly evaluated, even if that means disregarding the
interest of clients in certain cases. This situation could generate situations where
a risk-averse lawyer may push the client to settle a case involving an
intermediate chance of success—even against the client’s best interest—to avoid
losing the case and receiving a poor win-loss rate.
Regardless of criticisms to computational indicators, the rise in the number
and importance of these indicators is clearly a tendency in the legal field in the
last few years.106 Moreover, even if their measurements may be questioned
because they do not properly capture social reality, still they generate a reactivity
effect upon the legal field with different legal actors molding their behavior in
response to evaluation, observation, or measurement.107 Given this increased
importance and reactivity of indicators, it is crucial to address the gap in the legal
literature regarding computational indicators.
It should be stressed that the reactivity towards indicators may have a “dark
side.”108 Whenever legal professionals know how the system works, there may
be “gaming” concerns109 that the individuals affected by the indicators will seek
to game the system by adopting a behavior that will lead to a better position
under the indicator without necessarily leading to an improvement in the
provision of legal services. That could be envisioned, for instance, in the
situation where lawyers decide to prioritize or only accept easier cases where
they will more likely obtain wins instead of pursuing difficult cases where
potential losses could lead to a worst evaluation of their performance under the
given indicator. This behavior could lead consumers to have more challenges to
find counsel for difficult cases and perhaps even alter the price of market
services for these cases, beyond what would be expected without the existence
of indicators. Gaming concerns should be taken into account when designing
indicators that can properly generate a reactivity that improves the provision of
legal services for consumers. In the example discussed, for instance, attributing
a level of difficulty to the cases litigated would be an important step to evaluate
lawyers’ performance adequately.

for plaintiff success, we estimate the aggregate settlement rate across case categories in the two districts to have
been 66.9 percent in 2001–2002. Regardless of the method of computing settlement rates, no reasonable estimate
of settlement rates supports an aggregate rate of over 90 percent of filed cases, despite frequent references to 90
percent or higher settlement rates.”); Jonathan D. Glater, Study Finds Settling Is Better Than Going to Trial,
N.Y. TIMES (Aug. 7, 2008), https://www.nytimes.com/2008/08/08/business/08law.html.
106. See Jenkins, supra note 70 (recognizing that litigation data will become more available as states
transition into placing dockets in electronic form and as such, more analytics vendors will enter the market).
107. Amariles, supra note 29, at 466.
108. Danielle Keats Citron & Frank Pasquale, The Scored Society: Due Process for Automated Predictions
Essay, 89 WASH L. REV. 1, 50 (2014).
109. Id. at 26.
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In the case study, we seek to address some of the highlighted flaws
regarding computational indicators assessing lawyers’ performance in the
courtroom, based on a dataset of cases from French Courts of Appeals.
Preliminarily, however, it is necessary to clarify what is the regulatory context
framing the creation and use of these indicators.
II. THE REGULATORY SUPPORT FOR COMPUTATIONAL INDICATORS
The regulation of the legal profession frames the creation and use of
performance indicators establishing the limits and requirements for them to be
considered lawful.110 The clear trend in different jurisdictions in the EU and in
the United States has been to allow and encourage the development of such types
of indicators with the purpose of providing direct information to consumers, with
the declared objective of minimizing their asymmetry regarding providers of
legal services.111 Computational indicators may be suited to fulfil this purpose,
complementing the role of regulation in certain situations.
With the intense diffusion of performance indicators in the past decades, a
strong reaction of the legal profession has mounted against them, rejecting the
reliability of such measurements and claiming that they may violate the moral
and reputation rights of lawyers.112 While indicators such as Martindale-Hubbell
have existed for over 135 years “as a reference for those already involved in the
legal profession,”113 the most recent indicators have been developed for the
general public.114
The predominant tendency across Europe and the United States has been
to rebuke attempts to prevent the development of these indicators.115 Initially,
the concerns regarded particularly advertisement containing references to
performance indicators, with restrictions being imposed in certain
jurisdictions.116 Nowadays, however, in most states in the United States, the
tendency has been to allow mentions to such ratings in advertisement.117 This is
aligned with the tendency across the United States to open up the market of legal

110. Lewkowicz, supra note 43.
111. Id.
112. Liptak, supra note 65 (reporting the criticisms against AVVO ratings); Kristofer Bott, Lawyer’s
Ranking from a Constitutional Perspective: The Federal Constitutional Court’s JUVE-Handbook Decision
Private Law, 4 GER. L.J. 237–46 (2003) (discussing legal claims in Germany against a ranking of law firms);
Fabien Drey, Notation des Avocats, algorithmes et Open Data des décisions de justice: les liaisons dangereuses,
VILLAGE DE LA JUSTICE [Just. Vill.] (Aug. 14, 2019), https://www.village-justice.com/articles/ notation-desavocats-algorithmes-open-data-des-decisions-justice-les-liaisons,32216.html (noting the risks of lawyers’
rankings in the context of French law).
113. Petroni, supra note 34, at 200–01.
114. Id.
115. Lewkowicz, supra note 43, at 32.
116. Petroni, supra note 34, at 203–04 (explaining the concerns about the legitimacy of these rankings have
led some jurisdictions in the United States to discuss prohibiting referencing these indicators in advertisement,
and while the current version of Art. 7.1 has a narrow definition of the concept of misleading information (‘a
material representation of fact’), the former one has a much broader definition, which encompasses the notion
of ‘unjustified expectations based on potential results’ and making a comparison of one lawyer’s services with
another’s, “unless the comparison can be factually substantiated”).
117. See id. at 207 (regarding cases in Pennsylvania, Iowa, Tennessee and Arizona upholding such practice,
as well as other relevant decisions of the Eleventh Circuit and the Supreme Court).
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services for advertising.118 As pointed out by Hawkins & Knake, however, who
conducted an empirical research in three legal markets (New York, Texas, and
Florida), the use of advertising has not been sufficient to address the problem of
justice gap.119
Legal claims against legal rankings, however go beyond the domain of
advertising. In Browne v. AVVO, Inc., a complaint was made “alleging that an
online rating service allows lawyers cooperating with the service to boost their
ratings while penalizing lawyers who do not wish to participate or do not
cooperate,” indicating manipulation, an argument which was dismissed on First
Amendment grounds.120
Across the Atlantic, a similar controversy arose regarding the possibility of
using advertisement regarding legal rankings until the EU Directive
2006/123/CE of 12 December 2006 and the decision of the Court of Justice of
the European Union (CJEU) of April 5, 2011 (C-119/09) clarified that such
practice was legal.121 Until then, there was a full ban on the use of publicity
regarding certain regulated professions such as the legal field.122
Beyond that, the efforts of the legal professionals seeking to completely
ban the development of legal indicators have been firmly rejected, both in the
United States and in Europe.123 According to Lewkowicz, the different cases in
the United States against such ratings have rejected imposing any kind of
restriction on them, except for an obligation of transparency regarding the
methodologies used to build such measurements as a form to promote consumer
protection.124 Following a similar trend, the European Commission, through
different reports, has highlighted the importance of ratings for consumer
protection, claiming that “[o]nline ratings and reviews of goods and services are
helpful and empowering to consumers, but they need to be trustworthy and free
from any bias or manipulation.”125 In a subsequent report, the Commission has
emphasized the potential of such ratings to address information asymmetry and
minimize the need for regulation:
Rating and reputational systems or other mechanisms to discourage
harmful behavior by market participants may in some cases reduce
risks for consumers stemming from information asymmetries. This
can contribute to higher quality services and potentially reduce the
need for certain elements of regulation, provided adequate trust can
be placed in the quality of the reviews and ratings.126

118. Id. at 198.
119. Jim Hawkins & Renee Knake, The Behavioral Economics of Lawyer Advertising: An Empirical
Assessment, 2019 U. ILL. L. REV 1005, 1037 (2019).
120. Browne v. AVVO, Inc., 525 F. Supp. 2d 1249 (W.D. Wash. 2007); Zacharias, supra note 34, at 186
n.39.
121. Lewkowicz, supra note 43.
122. Id.
123. Id.
124. Id.
125. EUROPEAN COMMISSION, Online Platforms and the Digital Single Market Opportunities and
Challenges for Europe (May 25, 2016), https://ec.europa.eu/transparency/regdoc/rep/1/2016/EN/1-2016-288EN-F1-1.PDF.
126. A European Agenda for the Collaborative Economy, supra note 9, at 4.
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More recently, EU Directive 2018/958 implements a proportionality test to
be conducted before new rules are adopted to regulate professions, clarifying
that such regulations should exist only when strictly necessary.127 In particular,
the Directive determines that professional regulations shall not be considered
necessary when consumer protection rules are appropriate and sufficient to attain
the same purposes.128 In addition, it establishes that professional regulations
should also take into account scientific and technical advancements to minimize
the asymmetry of information between consumers and professionals.129 Even
though not specific to the legal profession, this general regulation seems to point
out the need to recognize the potential contributions of AI-supported
measurements for the legal profession.130
In France, specifically, the French National Council of Bars initiated
several complaints seeking to ban these legal ratings by third parties.131 Most
notably, the Cour de Cassation decision of May 11, 2017 considered that ethical
rules of the legal profession are not applicable to non-lawyers and companies
performing ratings of legal services.132 In a revised final decision of the
Versailles Cour D’Appel of December 7, 2018, the only obligation imposed
upon the company performing the legal rating was to duly inform consumers
about the methodology employed in order to provide “clear, transparent and
loyal information.”133 Nevertheless, Article 33 of the Justice Reform Act has
subtly restricted the possibility of profiling French judges, determining that:
The information about the identity of judges and members of the
judicial clerkship cannot be object of a reuse with the purpose to
evaluate, analyze, compare, or predict their actual or hypothesized
professional practices.134
The evident result of this law is to restrict any possibility to produce legal
analytics using judges’ information under French law—such as social networks
exploring connections between judges and lawyers.135 It is interesting to note
that France, as well as the Netherlands and Germany, have also enacted laws to
anonymize the name of certain physical persons contained in the court

127. Council Directive 2018/958 para. 3, 2018.
128. Id. at para. 21.
129. Id. at para. 26.
130. Id.
131. Now French Lawyers Demand Statistical Data Ban, Following Judges’ Move, ARTIFICIAL LAW. (July
1, 2019), https://www.artificiallawyer.com/2019/07/01/now-french-lawyers-demand-statistical-data-banfollowing-judges-move.
132. Cour de cassation [Cass.] [First Civil Chamber] May 11, 2017, (Fr.) (prohibiting any comparative
mention of the ethical requirements of the lawyer to ethical obligations of third parties).
133. Cour d’appel [CA] [court of appeal] Versailles, civ., Dec. 7, 2018, 17/05324.
134. See the modifications inserted to the French Commercial Code through Article 33, II, 1° of the Justice
Reform Act (Loi n° 2019-222 du 23 mars 2019), Law No. 2019-222 of March 23, 2019, on Programming 20182022 and Reform for Justice (1), REPUBLIQUE FRANCAISE, https://www.legifrance.gouv.fr/eli/loi/2019/3/23/
2019-222/jo/article_33 (last visited Sept. 13, 2021).
135. See Marie-Lan Nguyen, En France, il est désormais interdit de juger les juges, CONTREPOINTS (2019),
https://www.contrepoints.org/2019/08/30/352509-en-france-il-est-desormais-interdit-de-juger-les-juges (last
visited Sept. 13, 2021) (“[T]he law is so written that it formally prohibits evaluating, analyzing, comparing or
predicting their real or supposed professional practices.”).
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decisions.136 However, except for in France, in these other jurisdictions, the
anonymization concerns the name of the parties or third parties, and not the name
of the legal counsels.137 In addition, in Germany and the Netherlands, names of
judges are not anonymized.138
If a requirement of transparency has been formally required regarding these
different indicators, in practice, they remain “black boxes”, using methods to
produce legal analytics that cannot be scrutinized by the general public.139 In the
next section, we seek to open wide this black box.
III. COMPUTATIONAL INDICATORS: A CASE STUDY WITH THE
FRENCH COURTS OF APPEALS
We investigate how and what kind of relevant information computational
indicators produced with the support of AI methods can help generate regarding
the quality of legal services provided in the courtroom. We conduct an empirical
study drawing on a database of 17,215 decisions of the French Courts of Appeals
collected between 1996 and 2018—further reduced to 8,045 cases after the preprocessing phase (below, this procedure is explained in detail, in Section III.B
and subsequent). We apply different artificial intelligence methods to this
dataset to uncover information that could be relevant to consumers, as well as
the methodological challenges that need to be addressed to construct reliable
indicators. In this particular case, we apply ML, NLP, and network analysis
techniques to our dataset and then use visualization methods to represent the
results.140
Through this case study, we hope to shed some light on the methodological
steps followed towards building computational indicators, evidencing the
challenges involved in that process. This effort is significant to provide
transparency concerning the algorithms used, which are often seen as “black
boxes” by the consumers, lawyers, and the general public.
The importance of evaluating lawyers’ competence has been long
acknowledged,141 both for the sake of consumers and increasingly, for law firms
that need to consider legal professionals for partnership and potential

136. See Jenny Gesley, Germany: Third Parties Have Legal Right to Anonymized Copy of Civil Decisions,
LIBR. CONGRESS (June 12, 2017), www.loc.gov/law/foreign-news/article/germany-third-parties-have-legalright-to-anonymized-copy-of-civil-decisions (discussing the decisions of the German Federal Administrative
Court and the German Constitutional Court and the German Federal Court of Justice to make anonymized
decisions available to third parties).
137. Anonymization guidelines, DE RECHTSPRAAK, https://www.rechtspraak.nl/English/Pages/
anonymization-guidelines.aspx (last visited Sept. 13, 2021) (stating in the Netherlands, “names of natural
persons employed by legal entities or administrative bodies and acting in the capacity of performing a specific
job will not be anonymized”).
138. Id.
139. Id.
140. For more details regarding the specifics of the methods used, see Paul Boniol et al., Performance in
the Courtroom: Automated Processing and Visualization of Appeal Court Decisions in France, PROCEEDINGS
OF THE 2020 NATURAL LEGAL LANGUAGE PROCESSING (NLLP) WORKSHOP, SAN DIEGO, US (2020),
https://arxiv.org/pdf/2006.06251.pdf.
141. Douglas E. Rosenthal, Evaluating the Competence of Lawyers, 11 LAW & SOC’Y REV. 257 (1976).
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promotion.142 Broadly, the main models of performance assessment have
focused either on: 1) the outcomes in court (wins or losses); 2) the avoidance of
negligence; or 3) the detailed evaluation of how certain activities considered
central to the profession are performed by lawyers.143
Nevertheless, discussions about the specific adequate metrics that could be
implemented to objectively assess lawyer competence have not been conclusive,
but instead have led to the coexistence of different models for performance
assessment.144 In practice, in the ambit of law firms, different “balanced
scorecards” are used to assess performance, including a wide range of criteria,
spanning from outcomes achieved (such as hours worked, revenue generated for
the firm, value of engagements negotiated, external feedback, directory ratings,
among others) to prospective measures (such as course attendance, time/effort
spent in client visits, marketing efforts, delivery of training, among others).145
We focus on the assessment of lawyers’ performance in the context of court
litigation. As previously examined,146 one of the main metrics used by
computational indicators to assess lawyer performance in courts is the win-loss
rate, with discussions about the need to include the level of difficulty of the case
in this assessment. Current metrics put forward the idea that performance can be
measured on dimensions that emphasize the output of the lawyer’s work rather
than client satisfaction.
Indeed, any indicator prioritizes certain metrics over others. In the case of
the computational indicator built in this case study, there are distinct criteria that
remain in the “shadow,” unaccounted for by the methods deployed. In the
present study, client satisfaction is one of the main criteria disregarded.147 In
addition, as further examined, the computational indicator built does not
consider the ability of lawyers in settling disputes—which is clearly a crucial
skill for legal professionals.
While the refinement of these types of indicators is a task that should be
pursued, the objective of our case study is not to propose a way of measuring
performance but instead to unveil, in a critical perspective, the conceptual and
methodological assumptions of the main forms of computational measurement
in place and their broader implications.
A.

Data Collection

The original dataset consists of 40,000 court documents that were crawled
through the French public service website providing access to legal
142. Kate Beioley, UK Law Firms Ditch Old Pay Structures in Bonanza for Star Performers, FIN. TIMES
(Dec. 13, 2020), https://www.ft.com/content/c27f14e0-03f6-4c5c-9988-0cc8dac93016.
143. Rosenthal, supra note 141, at 257.
144. Nick Jarrett-Kerr, Five Models for Assessing Partners and Lawyers, EDGE INT’L (Apr. 30, 2020),
https://www.edge.ai/2020/04/assessment-models-for-partners-and-lawyers.
145. Id.
146. See supra Section I.C (discussing win/loss rate as a metric for legal performance).
147. Research has indicated that “what clients want most from their lawyers is an aspect of legal services
given too little attention both in legal education and professional development: effective lawyer-client
communication.” Clark D. Cunningham, What Do Clients Want from Their Lawyers Symposium, 2013 J. DISP.
RESOL. 143, 143 (2013).
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documents—all of them consisting of final court judgments (as opposed to
briefs, court opinions, or motions).148 For this paper we used a sample consisting
of 17,215 cases from different courts of appeals in France.
We focus on civil cases and exclude cases involving either criminal,
administrative, or other specialized matters. Due to the difficult access to cases
decided by lower-level courts on Légifrance and to the restricted categories of
lawyers authorized to plea at the French Cour de Cassation (the equivalent to
the United States Supreme Court), we restricted our data analysis to appellate
decisions at the level of the French courts of appeals. Procedural decisions such
as “ordonnances” were also excluded. Thus, decisions analyzed in this case
study are composed exclusively of substantive decisions issued by French courts
of appeals (in French, arrêt de Cour d’appel).
By focusing exclusively on decisions of courts of appeals, the indicator
seeks to capture a “signal of attorney capability” concerning legal professionals’
qualities that are crucial at the level of courts of appeals rather than those that
tend to be more decisive in lower courts. Indeed, the types of disputes that are
heard in each of these venues are very different. Specifically, for litigation in
lower courts, lawyers’ qualities of argumentation regarding facts and abilities
concerning evidence finding tend to be decisive. In appeals courts, conversely,
where there is normally no fact finding and the discussion concerning certain
preliminary factual issues tends to be precluded, the qualities of argumentation
regarding substantive and procedural legal issues will normally have more
weight. The legal indicator developed, therefore, measures particular qualities
that tend to be more important in the context of courts of appeals.
B.

Data Preprocessing

The first step—and most time-consuming part of the methodological
analysis—involved data pre-processing. Data pre-processing is a crucial step for
every machine learning project—it consists of transforming raw data into the
appropriate format for subsequent analysis. We observed that the structure and
wording of the legal documents presented significant variations depending on
the competent court assigned to judge a case, according to the assigned clerk,
and due to the potential formal use of the French language. These variations in
the terminology employed in the legal documents produced significant obstacles
regarding the text mining tasks. Below we lay out each step of data preprocessing, from segmenting the documents to extracting and identifying the
persons and entities participating in each case and their respective roles.

148. Le service public de la diffusion du droit, LEGIFRANCE, https://www.legifrance.gouv.fr (last visited
Sept. 14, 2021).
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Automatic Segmentation of Cases

The structure of a court case in France normally follows a similar sequence
or flow of elements or keywords. The first section of the document contains the
different entities involved in the trial,149 listed in the following order:
• Appelant (“appellant” in French): anonymized (e.g., Monsieur Jean
X. . .)
• Appellant’s counsel: can be anonymized but the mention always starts
with the keyword “Me” or “Maître” (e.g., Me Jean Dupont)
• Appellee (“intimée” in French): anonymized, in the same format as the
appellant mention
• Appellee’s counsel: presented in the same format as the appellant’s
lawyer
• Court Entities (not-fixed order):
- Judge (“magistrat, conseiller” in French): can be anonymized but
always starts with the keyword “Président”
- Clerk (“Greffier” in French): Can be anonymized but is always
close to the word “Greffier”150
After listing the entities, the document continues with the presentation of
the legal issues, where the decision states different arguments brought forth by
both parties, follows with the judge’s reasoning, and closes with the conclusion,
which describes the final decision of the court.151 The key phrases or titles
separating the different parts of the decision vary significantly, making the
segmentation of the decision a quite arduous task.
Figure 1 represents the common elements and key phrases extracted from
the cases judged by three French courts of appeals from different cities, Aix-enProvence (678 cases), Lyon (1055 cases), and Bordeaux (512 cases). Each graph
represents the different structure and flow that documents from the respective
court presents. From the three graphs, we can identify the macro-structure
common to the three cities and which can be defined by this sequence of key
phrases: “Cour d’appel de Bordeaux/Lyon/Aix-en-Provence,” “Appelant,”
“Intimés,” “Par ces motifs,” and “Le grefier, Le president.” We can also
visualize from the graphs the variations in structure between the three cities. For
instance, both the Court of Aix-en-Provence and Court of Bordeaux use the key
phrase “Arrêt au fond” or “Au fond” at the beginning of the decision, unlike the
Court of Lyon. The expression “Au fond” announces that after analyzing
problems of form, jurisdiction, and admissibility, the court will address
questions of law. In Figure 1, the nodes are the sentences of the documents.
When the sentence is more than five words, the name of the node is attributed to
“Long_Text_i” with “i” being unique. Therefore, the big nodes are common
parts from all documents and capture the common structure. For instance, the
segmentation unveiled that all the documents, regardless of the city, shared the

149.
150.
151.

Boniol, supra note 140, at 2.
Id.
PETER E. HERZOG, CIVIL PROCEDURE IN FRANCE 677 (Hans Smit ed., 1st ed. 1967).
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same concluding key phrase, i.e., “Par ces motifs” (“for these reasons”) to
present the final decision of the court.152

Figure 1: Common elements and keywords in cases of three French
courts of appeal.

Aix-en-Provence

Lyon

Bordeaux

Subsequently, we expanded our keyword-based segmentation to go one
step further and identify the aforementioned subjects taking part in a trial. Figure
2 indicates the segments of the documents and the keywords we used to identify
them. It should be noted that legal cases without any lawyer on both sides or any
judge retrieved are overlooked. In addition, we only considered documents from
which we could extract simultaneously the appellant segment, the appellee
segment, the conclusion, and the date of the trial. For this step, we removed cases
employing the word “Ordonnance,” which have a procedural nature. This results
in a dataset of 8,045 legal cases, out of the initial 17,215.

152. See the last big node in the three flows of the Figure 1. Full resolution images of these and other courts
are made available at Rajaa El Hamdani, Structure Figures, GITHUB (Oct. 29, 2020), https://github.com/
smartlawhub/legal_indicators/tree/main/figures/Structure_per_city.
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Figure 2: Segmentation of a legal case based on keywords, to facilitate
entity recognition

INTRODUCTION

• Entre

APPELLANT
SEGMENT

APPELLEE
SEGMENT

CONCLUSION
DEBATE

• Appellant

• Et

• Présenté par

• Intimé

• Par ces motifs

• Défendeur

D.

Named Entity Recognition

To detect names throughout the document, we segmented it in sentences
and employed one of the most well-established Named Entity Recognition
models.153 Named entities are world objects that we can refer to with a proper
name such as a person, company, or a location. Named entity recognition is one
of the main tasks of information extraction. It extracts named entities from
unstructured text and then classifies their types. The model we employed uses
pre-trained word embeddings from Wikipedia154 to classify whether a word is
an entity or not based on its context. We used its Python implementation from
the package Polyglot.
E.

Extraction of Holding

From the initial segmentation, the section of the legal document containing
the final decision made by the court on the legal dispute is in the section of
Conclusion of the legal document.155 In each case judged by a French court of
appeals, the court will decide to either confirm the first decision (in the Tribunal
Judiciaire) or to reverse it.156 In addition, the court can also partially confirm the

153. DANIEL JURAFSKY & JAMES H. MARTIN, SPEECH AND LANGUAGE PROCESSING: AN INTRODUCTION TO
NATURAL LANGUAGE PROCESSING, COMPUTATIONAL LINGUISTICS, AND SPEECH RECOGNITION 212 (2009).
154. Rami Al-Rfou et al., POLYGLOT-NER: Massive Multilingual Named Entity Recognition, in
PROCEEDINGS OF THE 2015 SIAM INTERNATIONAL CONFERENCE ON DATA MINING 586 (2015),
https://epubs.siam.org/doi/abs/10.1137/1.9781611974010.66. (last visited Sept. 14, 2021).
155. HERZOG, supra note 151, at 667.
156. See Françoise Berton, The French Court System—An Overview, BERTON & ASSOCIÉ (Oct. 2, 2010),
https://www.berton-associes.us/blog/litigation-in-france/french-court-system-overview (discussing the French
court system and its appellate structure).
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judgment.157 In other words, the court can decide to accept one of the appellant’s
requests, and therefore, partially change the first decision.158 Empirically, we
noticed that certain words appear consistently in certain types of decisions, and
have thus resorted to a keyword-based solution to extract the decision and
determine its nature:
- The words “Confirme” (confirmed), “Rejete” (rejected), “Irrecevable”
(inadmissible): indicate a confirmation of the first decision (i.e.,
Appellee “won”).
- The words “Infirme” (invalid), “Rectifier” (rectify), “Réforme”
(rectify): indicate a modification of the first decision (i.e., Appellant
“won”).
Out of the 8,045 cases, 4,963 conclusions (~61%) include at least a
keyword representing both outcomes, in which case we keep the outcome that
has most keywords.
F.

Extraction of Legal Fields

The articles cited in the judgment provide information about the fields of
law to which the case belongs.159 For example, if a case cites the Article L. 5411 of the French Environmental Code (Code de l’environnement), then the case
is likely to be about radioactive waste. Legal experts developed a table that maps
legal articles to legal fields. Table 5 is an extract of the mapping table.160

157. HERZOG, supra note 151, at 416.
158. Id.
159. Id. at 288.
160. See Zhan Chiam et al., Trans Legal Mapping Report, ILGA WORLD 132 (2019), https://ilga.org/
downloads/ILGA_World_Trans_Legal_Mapping_Report_2019_EN.pdf (displaying an example of a legal map
covering portions of French law).
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Table 5: Mapping Between Legal Articles and Law Fields
Field of law

Legal articles

Defamation, libel, slander

Law of 29 July, 1881

Divorce, legal separation

Articles 229 to 308 of the Civil Code;
Articles 1075 to 1136-14 of the Civil Procedure Code (except
Articles 1136-1 and 1136-2 of the same code, see cohabitation and
civil unions)

Domicile

Articles 102 to 111 of the Civil Code

Donations

Articles 893 to 10991-1 of the Civil Code (except Articles 967 to
1034 of the Civil Code, see testament)
Articles 750 to 799 of the General Tax Code (except Articles 764 to
775 series, which are special provisions concerning legal
successions)

Private International Law

Brussels I Regulation on competent jurisdiction
Rome I Regulation on the law applicable to contractual obligations
Regulation concerning the creation of a European Enforcement
Order
EU Succession Regulation
EU Regulation on Matrimonial Property Regimes
International Conventions

IV. LEGAL ANALYTICS FOR THE LEGAL PROFESSION:
RANKINGS, WIN LOSS-RATES AND PREDICTION
After preprocessing all the court decisions, we explore how the resulting
analytics can be computed to produce relevant information regarding the quality
of legal services. We focus on services provided by lawyers in the context of
courtroom litigation only.
The preliminary results of the study indicate that AI methods can produce
detailed information about lawyers’ experiences in the context of litigation
previously unavailable in traditional indicators. According to different
policymaking institutions,161 the dissemination of this information could be
helpful to consumers of legal services and law firms assessing lawyers’
performance.
More specifically, the results presented by our study demonstrate that
computational indicators supported by AI methods can generate detailed
information about the experience of lawyers in litigation, combining information
about the number of win-losses, the particular field of law where that experience
has unfolded, the type of collaborators and opponents that have been faced in
the course of litigation, and an indicator regarding the difficulty of the case. As
previously noted in Table 3, companies have already been providing legal
161. A European Agenda for the Collaborative Economy, supra note 9, at 4; ABA Resolution 115, supra
note 15.
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analytics where this kind of information is available as an important element for
the companies using services to decide whom to hire in which circumstances
and to plan their litigation strategy.162 Furthermore, through the use of these
methods—and specially through the use of visualization graphs—it becomes
easier to understand information about the performance assessment for the
layperson.163 For indeed, the “ease of access to information” has been pointed
out as an important element to address the asymmetry between providers and
consumers of legal services.164
To produce the analytics, preliminarily, we pseudonymized the names of
the lawyers and identified their areas of specialization and the respective
networks involved. Based on Table 5, we build an algorithm that connects each
case to a particular legal field, according to the articles cited in the case. We use
the information concerning the legal field to know the fields in which a lawyer
has most experience. The experience of a lawyer in a given legal field is
indicated by the number of cases in which the lawyer was involved in that
particular legal domain. We use heatmaps to visualize this information, as shown
in Figure 3. The identification of the legal field in which the lawyer has
experience is crucial information, for instance, for consumers when evaluating
whether to hire a lawyer. A general measurement of experience would not
demonstrate what is the actual ability of a professional for a particular kind of
dispute.

162. See generally Stephanie Wilkins, How to Use Legal Analytics to Craft the Best Litigation Strategy,
ABOVE L. (Sept. 1, 2021, 12:44 PM), https://abovethelaw.com/2021/09/how-to-use-legal-analytics-to-craft-thebest-litigation-strategy/ (discussing the use of Lex Machina to understand issues in litigation).
163. Boniol et al., supra note 145, at 2.
164. Id. at 1.
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Figure 3: Heatmap showing the experience of the top 30 lawyers in
12 legal fields.

In this section we introduce the graph structure as a tool to represent
domain-specific information and interactions in the legal domain. Graphs are
known for their representational power and efficiency in different application
domains bearing sound algorithmic foundations and methods that enable stateof-the-art analysis of any type of data including text—and in this case the legal
corpora.
In the process of building these analytics, we proceeded in two steps. First,
we identified relevant types of relationships or “networks” connecting the
different entities involved in the legal cases, i.e., lawyers. We identified how
often these different entities participated in the same case, the rate of wins-losses
in these interactions, and, for the networks of lawyers, whether these were
opposing or collaborative relationships.
In the second part, we evaluated lawyers according to their performance in
networks opposing other lawyers (combining the information on their
experience, number of wins versus losses in cases and their centrality in the
network of opponents, i.e., the number of different lawyers that they have faced
in trial). We additionally seek to examine the complexity of legal cases. To do
so, we apply methods to cluster similar kinds of cases according to the legal
provisions that are raised in a particular legal claim.
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Through the combination of these different types of information, we
consider it would be possible to provide more detailed evaluation regarding the
qualities of the services provided in the legal market, in the context of litigation.
A.
1.

Network Analysis of Lawyers

Opposing network of lawyers

We extracted from legal documents information about which lawyer won
and from which other opposing lawyers in each trial. Based on this information,
we could define a directed weighted network. We draw a directed connection
from the losing node to the winning node. We assign a weight to the connection,
which is proportional to the number of wins of the winning lawyer. To visualize
the most important nodes, we remove lawyers with only one trial and then the
lawyers that have performed against only one other lawyer, which leaves us with
a network with 1247 nodes and 2182 edges. Figure 4 is a subgraph of the entire
opposing network where we only kept nodes of top 100 lawyers in terms of total
number of cases in order to obtain a less crowded visualization. In this figure,
the edge is directed towards the winning lawyer. The size of the node is
proportional to the total cases per lawyer and the node color defines whether the
lawyer has more losses or more wins, green nodes mean the lawyer has won
more than he has lost, while blue nodes mean that a lawyer has lost more than
he has won.165

165.
wins).

See id. (offering a more granular visualization, where the size of the node is proportional to the nets
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Figure 4: Network of lawyers that have opposed each other in trials.

More wins
More losses

The graph provides visual information about how much experience lawyers
have in litigation, whether this experience involves predominantly wins or
losses, and against which other lawyers they have been successful or not. This
information can be critical as preliminary evidence on lawyers’
accomplishments and could be used to complement anecdotal information about
the performance of lawyers provided by qualitative assessments or by traditional
indicators, ultimately helping to draw a more comprehensive picture of the
experience of legal providers.
2.

Collaboration Network of Lawyers

Subsequently, we identified the collaboration network of lawyers that
indicates which lawyers have been on the same side during a trial. The edges are
weighted based on the wins minus the losses, so the network can capture which
collaborations are more successful. We removed nodes with only one
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collaboration, which leaves us with a network of 55 nodes out of the initial 217.
The network can be seen in Figure 5, with the edge color signifying the sign of
win-loss metric and the width the absolute value.
Figure 5: Network of lawyers that have collaborated in trials.

More wins
More losses

As with the previous metrics, this information could be important for
consumers to help them evaluate whether the collaboration between certain
lawyers and/or law firms tends to be successful or not and whether it would be
worthy to hire teams of collaborating lawyers in a certain case.
B.
1.

Evaluation of Litigation Performance

Metrics for Ranking Lawyers Based on Opposing Network

We consider three different metrics to evaluate lawyers’ performance in
litigation. The first metric is based on experience (total number of cases in which
every professional participated), the second represents the win-loss ratio of a
lawyer, and the third graph-based metric represents the centrality of the
lawyer/node in the network of opponents (i.e., how influential in the opposing),

348

JOURNAL OF LAW, TECHNOLOGY & POLICY

[Vol. 2021

as measured by weighted PageRank.166 As explained further below, in this third
metric, wins against an opposing lawyer that is more experienced and has had
more wins as an appellant’s lawyer (and therefore has a higher PageRank) are
considered more valuable.
Figure 6: Lawyers ranking under three different ranking algorithms.

NOTE: The first column assesses lawyers by the total number of cases where
they have participated. The second column assesses lawyers by the win/loss
ratio. The third column assesses by weighted PageRank centrality in the
networks of opponents.
In the first column of Figure 6, lawyers are ranked by their experience in
pleading before the court of appeals. The greater the number of cases litigated,
the better the lawyer will be in the ranking. However, this metric alone is not an
indicator of the performance of the lawyer since it doesn’t consider how many
cases the lawyer lost or won. Thus, we refer to the win-loss ratio in the second
column of Figure 6 to evaluate the performance. For example, lawyer 129 ranks
third in terms of the win-loss ratio, while ranked eighth in terms of the total
number of cases pleaded. Therefore, in terms of win-loss ratio, lawyer 129
performs better than lawyer 387 (who ranks ninth in terms of win/loss ratio).
However, in terms of total cases pleaded, lawyer 387 is ranked better than lawyer
129.
A weakness of the win-loss ratio ranking is that it does not consider the
experience of the opposing lawyer. Nevertheless, the opponent’s worth can be a

166. Zhang Kun et al., Evaluation Method for Node Importance in Directed-Weighted Complex Networks
Based on PageRank, 3 J. NANJING UNIV. AERONAUTICS & ASTRONAUTICS 0–22 (2013).
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measure of the win’s value.167 In order to take this measure into consideration,
we compute the weighted directed PageRank of the opposing network in the
third column of Figure 6. As explained in Section IV.A.1, the weights are the
number of wins. We consider that wins as an appellant’s lawyer count more than
wins as an appellee’s lawyer. This is justified by the assumption that lawyers
working for the appellant have a more difficult task because they must reverse
a previous decision issued by a lower court—whereas the appellees’ lawyers
have to confirm a previous ruling. The premise that it is more difficult to win as
an appellant’s lawyer is supported by the high rejection rate of appeals in our
dataset (i.e., 0.9).168 So, edges directed towards lawyers who win more
representing an appellant have higher weights than edges directed towards a
lawyer who wins more representing an appellee. Therefore, top lawyers in the
third column of Figure 6 are lawyers who won against experienced lawyers and
who win most as an appellant’s lawyer. Lawyer 348 is ranked better than lawyer
129 in terms of win/loss ratio, but worse in terms of PageRank measure. We
could explain this difference in the ranking by the fact that the majority of wins
of lawyer 348 are wins as an appellant’s lawyer, while the majority of wins of
lawyer 129 are wins as an appellee’s lawyer. Thus, this information could help
an appellant deciding whether he should hire lawyer 129 rather than lawyer 348,
of course, after analyzing other criteria available to make the decision.
a.

Evaluation of Ranking Methods

We assess the three ranking methods by comparing their predictive power.
The assumption is that a reliable ranking should help to predict the winning
chances of a lawyer. We split the initial dataset (n=4,172, which considers only
cases from which we successfully extracted the appellees’ and appellants’
lawyers and the outcome) into a training dataset and a test dataset. The training
dataset is 60% of the initial dataset, and we use it to compute the rankings of
lawyers. The test dataset is 40% of the initial dataset and we use it only to
evaluate the ranking results.
We build a prediction algorithm from each ranking. The prediction of a
case winner consists of comparing the position in the ranking of lawyers
opposing such that the lawyer with the highest ranking would be predicted as
the winner. We evaluate the prediction by comparing the predicted winner in a
case with the actual outcome of the case. For each lawyer, we only keep cases
in which the lawyer pleaded alone since the ranking measures the performance
of a single lawyer. If the case has exactly one lawyer for each party, then we
predict the lawyer with the highest ranking as the winner. We assume that
pleading a case is a strong-link activity where the performance of the best lawyer

167. See generally Yuhao Zhou et al., Limits of PageRank-Based Ranking Methods in Sports Data, INFO.
SCIS. (2020), https://arxiv.org/pdf/2012.06366.pdf (using wins and losses for sports teams as PageRank
measurements).
168. See Mark L. Hayes, Winning and Losing: The Hard Truth About Appealing an Unfavorable Decision,
LAW OFF. MARK L. HAYES (Aug. 16, 2015), https://www.appealnc.com/winning-and-losing-the-hard-truthabout-appeals/ (“All things being equal, appeals more often are unsuccessful than successful.”).
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has the most impact on the case outcome.169 If the opposing party has more than
one lawyer, then we compare the ranking of the single lawyer with the highest
ranking among the opposing lawyers.
We use precision, recall, and F1-score to evaluate predictions obtained
from each ranking method. Precision is the fraction of correctly predicted wins
among predicted wins.170 Recall is the fraction of correctly predicted wins over
actual wins in the test dataset.171 F1-score is the harmonic mean of precision and
recall.172 The results for each measure are shown in Table 6.
Table 6: Comparison of Ranking Methods
Precision

Recall

F1-score

55%

32.3%

40.7%

Win/loss ranking

43.3%

19.1%

26.5%

PageRank ranking

58.5%

35.3%

44%

Total cases ranking

Table 6 indicates that the PageRank outperforms the other rankings for the
three measures. In other words, it is the most accurate ranking to predict the
winning chances of a lawyer in our dataset. If it is true that this information may
be too complex for average consumers, it shows that it is important that
producers of computational indicators disclose their full methodology to
potential users so they are able to make informed decisions and decide, for
instance, whether or not to rely on the indicator in a specific context.
It is further important to notice that this initial predictive model, with a
precision rate of 58.5% (in the case of the PageRank ranking), presents a
promising development, especially when compared with the alternative
traditional measurements. As previously mentioned, the traditional legal
performance indicators present several methodological downsides that tend to
undermine their objectivity—the lack of transparency, the use of anecdotal data,
and potential selection bias.173 Although our model also suffers from some

169. Cf. CHRISTOPHER ANDERSON & DAVID SALLY, THE NUMBERS GAME: WHY EVERYTHING YOU KNOW
ABOUT SOCCER IS WRONG 68 (2013) (discussing the role of star players in soccer).
170. See Jason Brownlee, How to Calculate Precision, Recall, and F-Measure for Imbalanced
Classification, MACHINE LEARNING MASTERY (Aug. 2, 2020), https://machinelearningmastery.com/precisionrecall-and-f-measure-for-imbalanced-classification (“Precision is a metric that quantifies the number of correct
positive predictions made.”).
171. See id. (“Precision evaluates the fraction of correct classified instances among the ones classified as
positive . . . .”).
172. See id. (“Once precision and recall have been calculated . . . the two scores can be combined into the
calculation of the F-Measure.”).
173. See generally Heidi L. Feldman, Objectivity in Legal Judgment, 92 MICH. L. REV. 1187, 1213–14 (“I
conclude that neither scientific nor moral-rationalist conceptions of objectivity can serve as is, although they
provide insight into what such a conception of objectivity must include.”).
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selection bias (we only consider lawyers who appear in decisions crawled online
from Légifrance), the benefits of increasing the transparency and minimizing the
use of anecdotal data are promising. In addition, the model developed, unlike
the traditional indicators, has already been subject to some kind of evaluation
regarding its predictive power. Overall, this provides a more objective
assessment of lawyers’ performance in the courtroom.
2.

Analysis of Cases’ Difficulty

As we mentioned earlier in this article, a plain win-loss rate indicator
remains insufficient to understand a lawyer’s performance in litigation.174 In this
section, we define metrics to represent the difficulty of cases and thus improve
the win-loss rate indicator (i.e., winning a difficult case should count more than
winning an easy case). The aim is to weight the wins and losses against a
threshold that will give more importance to difficult cases. This would give users
of the indicator more reliable information regarding the actual experience
obtained by lawyers in the context of the cases litigated.
In order to do that, a preliminary step (by no means exhaustive to assess
the difficulty of the case, but only representing a first initiative to seek to
establish that) would be to cluster the cases and try to identify some particular
groups. An important feature that all the cases in a cluster would share is the key
civil code articles on which the legal action is grounded and upon which a
decision is made. The assumption here is that cases from a given type would be
based upon the same legal articles. In addition to that, we work based on the
assumption that cases that involve a higher number of articles tend to be more
difficult than those that involve a lower number of legal articles. The higher
number of articles would tend to involve more legal aspects to be dealt with in
a particular case.
Figure 7 shows the histogram of the articles used in all the cases of the
French courts of appeals.

174.

Ambrogi, supra note 61 (“Win-loss records tell only part of a lawyer’s story . . . .”).
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Figure 7: Histogram of the articles used in the cases of the
French courts of appeals.

NOTE: The article 700 of the French Civil Code is by far the most used one.
By removing the most frequent article (Article 700 of the French Civil
Code, a procedural article allocating the costs of the procedure) and keeping all
the others, we can apply a clustering method on an article-based dataset. In this
dataset, the case is a vector of dimension M, where M is equal to the number of
unique articles. The clustering result on that dataset is displayed on Figure 8.
Figure 8: Clustering of the cases on the 2 PCA components on the
article-based datasets.

As depicted in Figure 8, the clustering results partitions cases into 10
distinct groups. Nevertheless, the dimensionality of the vectors (M) might
increase when our cases dataset increases. This dimensionality issue might lead
to an inaccurate partitioning of cases. In order to avoid the aforementioned issue,
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we can model the cases dataset as a graph, which could be defined as of cases
Gc composed of n nodes in N, where each node corresponds to a case. Formally,
the cases graph is a simple graph Gc(k) = G(N,E), where N and E are the node
and edge set defined as follows:
• 𝑁 = 𝑐1 , 𝑐2 , … , 𝑐𝑛 , where 𝑐𝑖 is a case.
• E = (ci, cj ) ∈ 𝑁 × 𝑁; |𝐴𝑟𝑡𝑖𝑐𝑙𝑒𝑠(𝑐𝑖 ) ∩ 𝐴𝑟𝑡𝑖𝑐𝑙𝑒𝑠(𝑐𝑗 )| ≥ k
Where Article(c) returns the set of articles used in the case c. Therefore,
Gc(k) is the graph that underlines the communities of cases that used at least k
similar articles. Figure 9 underlines the different possible communities of cases
for a high value of k=9. At this deepness level, the communities correspond to
very specific types of cases. For instance, we find the case where the
Municipality of Paris is opposed to apartment owners accusing them of renting
their apartments with Airbnb long-term. We also find expropriation cases and
cases opposing the French national railway company (‘SNCF’) and some of their
employees for refusing to grant them holidays. We observed that some of the
connected subgraphs are composed of very similar cases (Airbnb fraud,
expropriation, etc.).
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Figure 9: The case graph of the Paris Court of Appeal on 1000 cases judged
between October and November 2018, for k=9.

Two persons (Appellant)
against Direction
Régionale des finances
publiques (Appellee).
Topic : Expropriation
Appellee won

SNCF Mobilté (Appellant) against :
four employees (Appellee).
Topic: Holidays not given
Appellee won

Nine employees
(Appellant) against
SNCF Mobilité
(Appellee).
Topic: Holidays not
given Appellant won

Ville de Paris (Appellant) against Franck I.
(Appellee)
Topic : On the rent of two different apartment for
Airbnb Appellant lost

Five persons (Appellant) against
Fonds indemnisation de la
profession d’avoué (Appellee).
Topic : Expropriation
Appellee won

SCI 20 SEVERIN (Appellant)
against Ville de Paris (Appellee).
Topic : Airbnb appartments
Appellant lost

Ville de Paris (Appellant)
against Mme Daniele D.
(Appellee).
Topic : Airbnb appartment
Appelant lost

Based on Figure 9, our assumption that cases from a given type would be
based upon the same legal articles is confirmed.
3.

Further Potentialities of AI Tools to Measure Legal Difficulty

To improve the representation of cases based upon articles, we need a way
to encode the articles of the different codes based on their similarity.
Considering that the French Civil Code is organized according to different
Books and Titles,175 we can build a graph of all the articles of the Civil Code.
Figure 10 displays the graph of the Civil Code. A specific article embedding can
be produced from the graph mentioned above and will be more accurate in order
to cluster the cases.

175. Tom Holmberg, The Civil Code: An Overview, NAPOLEON SERIES: WRITING CONTEST WINNER
(2003), https://www.napoleon-series.org/research/government/code/c_code2.html.
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Figure 10: Civil Code as a graph.

In this section, we tried to show how AI methods can help produce a
number of indicators to assess the quality of legal services in the courtroom but
also the challenges and choices underlying any computational indicators
supported by AI methods. For example, we attempted to produce more
sophisticated ways of evaluating the performance of lawyers in the courtroom,
beyond the use of a simple win-loss ratio. Instead, we combined win-loss ratio
with other relevant information to provide a more nuanced and comprehensive
form of evaluation of legal professionals. Yet, the development of computational
indicators also requires further research to overcome the limitations regarding
their reliability to evaluate performance of legal professionals in the courtroom.
V. ASSESSING COMPUTATIONAL INDICATORS: POTENTIAL AND CHALLENGES
After exploring empirically some of the techniques and AI methods to
produce computational indicators, we discuss in this section how they can
contribute to produce relevant information for actors in the legal market. At the
same time, we expose the limitations of the existing computational indicators in
achieving this objective and how they could be addressed, both by adjustments
in their methodological approach and by experimental initiatives concerning the
regulation of the legal profession.
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Methodological Considerations and Ways Forward

Our case study produced evidence that computational indicators have the
potential to generate highly sophisticated types of information which are not
found in traditional legal indicators. They are unique in the fact that they give
systematic information based on large amounts of data, potentially providing a
representative picture of the legal market, which could develop more reliable
indicators regarding the quality of legal services. It is important to emphasize
that the kind of information generated through these AI methods on legal
services could be hardly provided by traditional methods. The identification of
the different networks of relationships and the sophisticated measurements
regarding experience of the involved practitioners, for instance, involves
necessarily the analysis of large amounts of data. Without the use of AI methods,
time and cost constraints would make it impractical to develop this kind of
information. In other words, without the application of AI methods, this kind of
information would be simply unavailable.
Moreover, the case study supports our argument that legal analytics do not
present to the same extent the methodological deficiencies that are conspicuous
in peer-to-peer and expert-based indicators, i.e., evaluations based on anecdotal
data, vitiated by a selection bias and which lack transparency. Even though our
model displays some selection bias (since it only considers lawyers who appear
in decisions crawled online from Légifrance), the benefits of increasing the
transparency and minimizing the use of anecdotal data are significant. The
overcoming of these methodological challenges requires of course that
computational indicators rely on large datasets which are constituted with due
diligence and care, which requires that states ultimately embrace an open data
policy of court decisions.
While our case study empirically highlights some methodological benefits
of using AI methods for producing computational indicators, demonstrating in
detail the categories of information that can be generated, it also evidenced other
limitations in the process of generating reliable indicators.
The initial limitations refer to the methodology employed. In addition to
the question of the dataset, a significant objection that can be raised against the
information generated through AI methods regards the reliability of the
inferences on which these measurements are based,176 which is crucial to
determine whether they can effectively evaluate the performance of legal
professionals.
In that sense, it has been questioned whether a win-loss ratio, i.e., the
number of times a lawyer has won a case, safely indicates professional
competence, especially considering that lawyers have an obligation of means,
rather than an obligation of result. As previously indicated, a lawyer who lost a

176. Cf. Nicol T. Lee et al., Algorithmic Bias Detection and Mitigation: Best Practices and Policies to
Reduce Consumer Harms, BROOKINGS (Mar. 22, 2019), https://www.brookings.edu/research/algorithmic-biasdetection-and-mitigation-best-practices-and-policies-to-reduce-consumer-harms (discussing algorithms that
make inferences from data about people).
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difficult case (but minimized the magnitude of the loss for the client) may have
demonstrated more expertise than a lawyer who won an easy case.177 Similarly,
it may be questioned whether the experience of lawyers can be measured by the
number of cases litigated, as one time-consuming and hard case may provide
more experience than several easy cases.178 Moreover, it may be questioned
whether the difficulty of a particular case can be represented by a particular level
of difficulty ascribed to a clustered group of cases to which this case has been
attached.179
This case study attempted to address some of these criticisms by combining
different types of information to create more reliable measures. For instance, the
number of wins versus losses of lawyers can be relativized according to the
difficulty of the case.180 A lawyer who loses a few hard cases may still receive
an overall positive evaluation compared to one that won several easy cases.181
Similarly, the experience of the lawyer is not to be assessed only considering the
number of cases or difficulty of cases involved.182 It will also take into
consideration the number of different opposing lawyers faced in court and their
respective experience—as a diverse number of opponents provides more
experience on different approaches and strategies that can be used by legal
counsel—and considering whether the lawyer acted for the appellee or for the
appellant.183 In other words, while there may be limitations as to the inferences
that may be drawn from certain data, such inferences tend to become more
reliable when considering the combined information for building such
measurements.184
Another important methodological aspect refers to the need to develop a
more sophisticated understanding of lawyers’ workflows, i.e., the positions they
occupy in the legal practice (for instance, as barristers, solicitors, partners, of
counsel, junior lawyers, paralegals, etc.) and the respective competences that are
crucial for that particular position (e.g., related to mediation, settlement,
negotiation, litigation, drafting of documents, etc.). In our case study, we
focused on evaluating legal performance in the context of the courtroom, but this
evidently is not a measurement that can be extended to analyze the quality of
legal services in different scenarios. For instance, the performance of a solicitor
whose work is predominantly focused on transactional matters cannot be
evaluated in a similar manner to a barrister, who works mainly representing
clients in court. In that sense, as previously indicated, an evaluation based solely
177. See generally Ambrogi, supra note 61 (discussing that win-loss analysis is not sufficient to determine
attorney skill).
178. Cf. Peter Macdonald, The Marketing Dilemma: Quality vs Quantity, LINKEDIN (Nov. 22, 2019),
https://www.linkedin.com/pulse/marketing-dilemma-quality-vs-quantity-peter-macdonald (discussing the
common conflict between quality and quantity in a marketing context).
179. See Approximation and Estimation, BITESIZE, https://www.bbc.co.uk/bitesize/guides/zscq6yc/
revision/5 (last visited Sept. 14, 2021) (explaining the basic concepts behind approximation).
180. See generally Ambrogi, supra note 61 (“With regard to the point that some cases are harder than
others . . . . Win-loss records tell only part of a lawyer’s story.”).
181. Id.
182. Id.
183. Id.
184. Id.
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on a win-loss ratio would simply ignore the fact that most cases are settled before
they are litigated. It would also ignore the competence of lawyers in reaching a
suitable settlement as a criterion to evaluate them. Therefore, an important step
in developing broader and more robust computational indicators will be to
develop criteria to evaluate these other types of competence outside the
courtroom but also affecting litigation outcomes.
A further methodological objection refers to the need of increasing the
participation of legal professionals in the process of developing and updating
these indicators. Nowadays, they are mostly developed by different analytics
firms in the market,185 but without having their methods challenged, criticized,
or questioned by representatives of the legal profession. This kind of feedback
would be crucial to raise potentially important points regarding the methodology
used by computational indicators and to contribute to their continuous
improvement.186
B.

Consumers and the Future of Regulation of the Legal Profession

Besides methodological issues, another important objection refers to how
these indicators could be accessible to consumers in the market. Presently, this
kind of service is offered only by a few platforms or startups commercializing
software—for a fee that most consumers would consider too high, especially for
those who will only use legal services sporadically.187 For that reason, these
services are most commonly used by companies—not by individual
consumers.188 To diffuse the access to such legal platforms, initiatives involving
collaborations between universities, and perhaps backed by organizations of the
civil society (such as consumer organizations), would be crucial.189
Nevertheless, it does not seem that those objections can be all addressed
without the adaptation and support of the regulatory rules with the purpose of
minimizing the information asymmetry in the legal market.190 Computational
legal indicators could be integrated into the regulation of the legal profession in
three different ways.
First, the regulation of the legal profession could either develop or
incorporate in their framework indicators that would be widely available to
consumers. For example, the professional bar could develop its own
measurements to indicate the quality of legal services provided by legal
professionals regarding different competencies and make this information freely
185. Guy Kurlandski, Everything You Know About Lawyer Selection Is Wrong: Big Data Analyzes
Litigation - Moneyball for Law?, PRNEWSWIRE (Feb. 6, 2015, 12:28 PM), https://www.prnewswire.com/newsreleases/everything-you-know-about-lawyer-selection-is-wrong-big-data-analyzes-litigation---moneyball-forlaw-300032208.html.
186. Douglas E. Rosenthal, Evaluating the Competence of Lawyers, 11 LAW & SOC’Y REV. 283–84 (1976).
187. Gillian K. Hadfield, Legal Barriers to Innovation: The Growing Economic Cost of Professional
Control over Corporate Legal Markets, 16 STAN. L. REV. 1727 (2008).
188. Jens Frankenreiter & Michael A. Livermore, Computational Methods in Legal Analysis, 16 ANN. REV.
L. & SOC. SCI. 24 (2020).
189. Id. at 23.
190. THE UTAH WORK GROUP ON REGULATORY REFORM, supra note 10, at 64 (noting concern over the
access-to-justice issues associated with disproportionate access to legal analytics).
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available on its website. This would be a way to facilitate the diffusion of
indicators to consumers, lest this kind of technology remains accessible to a
small part of the consumers in the legal market—those with significant financial
resources. This way, computational indicators would be complementary to
traditional legal indicators with a more qualitative approach (such as those built
based upon opinions and testimonials from clients and peers), which could
clarify information regarding instances where lawyers had an exceptionally
good performance which for any reason could not be computed by
computational indicators. Indeed, considering these different indicators in
conjunction, consumers could have a better picture of the overall legal market.
Second, the regulation of the legal profession could, as it already does in
certain countries,191 establish particular requirements regarding the
computational indicators developed by private companies. As already decided
by different courts, there is an obligation of loyalty, clarity, and transparency
from the developers of legal indicators towards consumers.192 This transparency
could be enhanced by more specific obligations; for instance, through the
creation of a governance framework that allows for evaluations to be
reconsidered in line with proposals already existing in relation to traditional
forms of legal indicators. They could also allow members of the legal profession
who believe they have been unfairly evaluated to provide
statements/information on the legal indicators to explain circumstances they
may find relevant to consumers.
Third, the experimental forms of regulation of the legal profession could
be put in place to examine what are the most efficient types of legal indicators
to effectively address information asymmetry in the legal market. By
experimenting with different approaches in the context of regulatory
sandboxes,193 data could be collected on the methodological approaches of
computational indicators to empirically examine whether they are effectively
contributing to minimizing information asymmetry in the market.
The potential benefits of regulation in each circumstance, however, should
be weighed against the potential risks. If not designed properly, regulation could
increase transaction costs involved in the provision of legal services without a
corresponding benefit for consumers.194 In addition, it could empower insiders
of the legal profession to insulate themselves from competitive threats in the

191. Cour de cassation [Cass.] [Supreme Court for judicial matters] 1e civ., May 17, 2017, Bull. civ. 1, No.
609 note (Fr.) (“Whereas, if article 15, paragraph 1, of the aforementioned decree prohibits any lawyer from
integrating, in advertisement or in personalized solicitation operations, any comparative or denigrating element,
this restriction is intended to ensure compliance with professional rules aimed at the independence, dignity and
integrity of the legal profession; that third parties are not bound by the ethical rules of this profession, and that
it is their sole responsibility, in their own activities, to provide consumers with fair, clear and transparent
information.”).
192. Id.
193. THE UTAH WORK GROUP ON REGULATORY REFORM, supra note 10, at 64.
194. Id. at 70 (explaining how a high acquisition cost of legal data would further prevent consumers from
access to justice).
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legal market, leaving aside the objective of promoting consumer protection.195
Traditionally, the regulation of the legal profession has been established by
members of the legal profession in different jurisdictions—in some cases, with
legislative and legal decisions complementing or establishing parameters for that
regulation.196 In most jurisdictions, professional bars monopolize the regulation
of legal services.197
In that vein, this monopoly of the legal profession has led scholars to claim
that regulation of the legal profession is designed to discourage competition in
the legal market.198 Those arguments have emphasized that the regulatory
framework of the legal profession is “not exclusively grounded on a public
interest logic, but it was captured by the professionals themselves in order to be
protected against any competitive threat.”199 That argument would be reinforced
by a lack of sufficient empirical evidence demonstrating a connection between
the existence of (more) regulation of the legal profession and a better level of
consumer protection.200 For those reasons, regulation should be carefully
designed, considering its potential downsides.
VI. CONCLUSION
Our empirical study with a sample of 8,045 cases of French courts of
appeals highlights that computational indicators supported by AI methods can
produce relevant information about the performance of legal professionals in the
courtroom. As suggested by entities such as the EU and the American Bar
Association, these indicators could also provide knowledge to consumers to
minimize their information asymmetry in relation to providers of legal
services.201 This kind of information assessing performance of lawyers in the

195. Id. at 17 (“Opening the legal services market to more models, services, and competition will serve
other important objectives including access to justice, the public interest, the rule of law, and the administration
of the courts.”).
196. Robert M. Buchholz et al., Regulation of the Legal Profession in the United States: Overview,
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courtroom would be hardly available without capitalizing on AI methods, given
the time and cost constraints of generating them through traditional tools.
However, although we acknowledge the benefits of computational
analytics, our analysis indicates that important challenges of a methodological
nature need to be addressed before these measurements can become more
reliable evaluative tools. Our article proposed several adjustments to
computational analytics to address methodological aspects, such as developing
more sophisticated win-loss ratio rankings to evaluate legal performance in the
courtroom, combining different types of information; expanding the methods
and criteria of evaluation of legal services to measure competence of different
types of lawyers; and integrating representatives of the legal profession in the
development and/or revision of these types of algorithms. Another crucial issue
will be how to make such indicators available to most consumers in the market.
Nowadays restricted to a few companies able to hire the services of highly paid
platforms and startups, most consumers remain unable to access this source of
information.202 To make this kind of information broadly accessible to
consumers would be a crucial step to effectively minimize the persistent
information asymmetry they have in relation to legal professionals.
To attain this objective, regulation will have an essential role.203
Regulatory initiatives can be advanced to create computational indicators and
make them freely available to consumers.204 Regulation—as it has been doing
in particular jurisdictions—could also establish requisites of transparency
regarding the development of these measurements, and create a governance
framework allowing for the results presented in these indicators to be contested
and questioned by legal professionals.205 Finally, regulation could also promote
experimental initiatives, supported by computational indicators, to measure how
effectively different categories of legal indicators are in addressing information
asymmetry.206
As computational analytics and AI methods become more inevitably
pervasive, they create an opportunity to effectively address the persistent
information asymmetry in the legal market.207 Thus, computational indicators
should be better understood, rather than avoided, by regulators, consumers, and
legal profession representatives. In sum, by demonstrating in detail in this article
how computational indicators can be built, we make a bold move in the direction
of breaking open the “black-box” algorithm used to develop them, making an
important contribution towards enhancing the transparency of this type of
service in the legal market.
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